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Recovering Xj from X. = Hi,X, . . .. Xn) : Marginals
Suppose we knew px.lk) for all B -- Myka, kn) .
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Eg. Toss a fair coin 3 times . Xs # tails in first toss @ ore)
Y Berks Y= total # tails mall 's 191,33)
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Question : Are X. Y independent ?
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Joint distributions are just distributions of random vectors
X
, ,Xy .
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Expectations
Let x. = Hi , . . ..Xn) be a (discrete ) random vector with
joint probability mass function Px

.
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If g : Rn → IR is a function
,
f- g (X) is a random variable
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