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Chapter 1

Polynomial Approximation

1.1 The Weierstrass Theorem

Let a,b € R with a < b. Let Cfa,b] denote the set of all continuous, real-valued functions
on the closed interval [a.b]. Let P denote the set of all real polynomials. For each integer
n > 0, let P,, denote the set of all real polynomials of degree less than or equal to n.

Theorem 1.1 (The First Weierstrass Approximation Theorem). Let f € Cla,b].
For any € > 0, there exists p € P such that

|f(x) —p(x)| <e  Vz€labl. (1.1)
To prove Theorem 1.1, we define for any given f € C[0, 1]
(Bof)(x) = f(0)  Vael0,1],

(B, f)(x) 0 f(ﬁ) (Z) -2 F  Veel0,1] Vn>1,

(1)

For each n > 0, we call B,, f the nth Bernstein polynomial of f € C[0,1]. Clearly, B, f € P,
for each n.

k=

where

Lemma 1.2 (Properties of Bernstein polynomials).
(1) For eachn >0, B, : C[0,1] — P, is linear, i.e.,

B.(f+9)=Bnf+Bng VYf,geC01],
B.(af) =aB,f VaeR VfeC[o,1].



(2) Foreachn >0, B, C’[O, 1] — P, is non-negative, i.e., (B, f)(x) > 0 for any x € [0, 1]
provided that f( ) for any z € [0, 1].

(3) Let pi(x) = at (i ,3). Then,
(Bnpo)(x) = po(x) Vo e [0,1] Vn >0, (1.2)
(Bup1)(z) =pi(x) Vo e[0,1] Vn=>1, 1
(Bup2)(z) = pa(x) + l:16(1 — ) Vre[0,1] Vn>2. (1.4)

Proof. Part (1) and Part (2) are obvious. To prove Part (3), we use the binomial formula:

n

(at+8)m=>" (Z) o*B"*F  Va,BeR. (1.5)

k=0

Let = € [0, 1]. We have by (1.5) that for n > 1
(Ba)(a) = 3 (1) #H0 =2 = (a4 (1= )" =1 = o).

By definition, (Bypo)(x) = po(x) = 1 for all x € [0,1]. Thus, (1.2) is true.
Let n > 1. Using (1.5), we obtain for any = € [0, 1] that

-5 (%) () 20

n! k n—k
pr— —_— 1_
an!n—k!x ( 7)

o (n—1)!

$§:@: ((n—1)— (k- 1))
jifmié(”gl)f%%1—xw*ﬂ

= ofa + (1- )"
= p1(x).

$k—1(1 . x)(n—l)—(k—l)

This is (1.3). The proof of (1.4) is left as an exercise. O

Proof of the First Weierstrass Approximation Theorem. We consider first the special case
la,b] = [0, 1] and then the general case.

Case 1. [a,b] = [0,1].

Step 1. Let M = max\f( )|. Then,

<z<1

—2M < f(z) — fly) <2M  Va,y € [0,1]. (1.6)
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Since f € C0,1], f is uniformly continuous on [0, 1]. Thus, there exists 6 > 0 such that

—§<f@y—ﬂw<g Va,y € [0,1] with |z — y| < . (1.7)
We claim that
M M
e <@ - f) < Sy YeyeDa ()

In fact, if |z —y| < §, then (1.7) implies (1.8). If |x — y| > 4, then ((z — y)/d)* > 1, and
hence, (1.6) implies (1.8).

Step 2. Fix y in (1.8). Apply B, (n > 1) to each side of (1.8) as a continuous function
of z. Using the properties of B,, (cf. Lemma 1.2), we obtain

B~ ))@) < Ba)@) ~ F0) < 4 o (Bule —y)))a). (19

Since

(x —y)? =27 — 22y + y* = pa() — 2yp1(z) + ¥2po (),

we have again by Lemma 1.2 that

(Bn(z —y)*)(x) = = (Bup2)(x) = 2y(Bup1)(x) + y*(Bnpo) ()

1
=22+ ~a(1 —2) — 2yx + 3
n

= (z—y)*+ %x(l — ).
This and (1.9) lead to
ey D By - ) < G B |y T
v,y € [0, 1]. (1.10)

Step 3. Setting y = x in (1.10), we obtain

e 2Max(1—2) & 2M
(Buf)@) — fo)l < 5+ 7 =—— <5+ 5,

Choosing n > 4M/(6%) and p = B,,f € P, we then obtain (1.1) for [a, b] = [0, 1].
Case 2. For general [a,b], define g(t) = f((b—a)t+a) (0 <t <1). Then, g € C[0,1].
Hence, by what has been proved in Case 1, there exists ¢ € P such that

lg(t) —q(t)| <e  Vtel0,1].
Let p(z) = q((x —a)/(b—a)). Then, p € P, and
[f(x) = p(x)] = [g(t) —q(t)| <e  Va€la,b].
This is (1.1). O

Vz € [0,1].



We define for any f € Cla, bl

I et = mas | (o).
When no confusion arises, we also write || f|| instead of || f||cfa,5. One easily verifies that ||-||
is a norm of the vector space Cla, b], i.e., the following hold:

(1) [Ifl =0 ¥V feCla,b].

I/l =0 if and only if f(z)=0 Vz € [a,b];

2) llafll = lallfI} Vo eRVf € Cla,b];

(3) I+ gl < IFIl+lgll ¥ fog € Clab]
The last inequality is called the triangle inequality. It implies that

A= llgll < lF =gl Vf.g € Cla,b]. (1.11)

This norm is called the mazimum norm or Cla, b]-norm.

With the notion of maximum norm, the Weierstrass Theorem states exactly that, for
any f € Cla,b] and any € > 0, there exists p € P such that ||f — p|| < e. Equivalently,
for any f € Cla,b], there exists a sequence of polynomials {p¥)}2° such that p*) — f in
Cla,b], ie., |f —p®|| — 0 as k — oo.

The above proof of the First Weierstrass Approximation Theorem using the Bernstein
polynomials can be extended to the proof of the following Bohman-Korovkin Theorem for
more general sequences of linear, non-negative operators; and clearly the Bohman-Korovkin
Theorem and the properties of Bernstein polynomials imply the First Weierstrass Approx-
imation Theorem:

Theorem 1.3 (Bohman-Korovkin). For each integer n > 1, let Ly, : Cla,b] — P, be an
operator. Assume:

(1) Each L, : Cla,b] — P, is linear;

(2) Each L, : Cla,b] — P, is non-negative;

(3) Lnpr — pr in Cla,b] for k= 0,1,2, where pp(z) = z*.
Then ||L,f — f|l — 0 for any f € Cla,b). O

1.2 Best Uniform Approximation

We denote for any f € C[a, ]

Ed(f) = inf If =pl  ¥n>0. (1.12)

Here, the norm || - || is the C[a, b]-norm. Clearly, 0
since Py C -+ C P, C -+, we have Ey(f) > ---
Approximation Theorem then implies the following:

E.(f) <|f|l for all n > 0. Moreover,

<
> E,.(f) > ---. The First Weierstrass

8



Proposition 1.4. We have
lim E,(f) =0 Vf e Cla,bl. O

n—oo

Definition 1.5 (Best uniform approximation). A best uniform approximation of a
given function f € Cla,b] in P, is a polynomial p, € P, that satisfies

— poll = min [|f — g.]. 1.1
|f = pall qnelg{ln\lf Gn|| (1.13)
Since (1.13) can be written as

max |f(z) — pn(2)| = min max |f(z) — g.(z)],

a<z<b qn€Ppn a<a<b
a best uniform approximation is also called a minimaz approzimation.

Theorem 1.6 (Existence of best uniform approximations). For any f € Cla,b] and
any integer n > 0, there exists a best uniform approximation of f in P,.

Proof. Let f € Cla,b] and fix an integer n > 0. For any ¢ = (cg,...,c,) € R"™ we
associate with a unique polynomial p. € P, by p.(z) = Y ,_, cxa”. Define F : R"™ — R

by
flz) — Z crat
k=0

Clearly, the assertion of the theorem is equivalent to the existence of ¢ € R™*! such that

F(c) = |If = pell = max

a<x<b

F(c) = Jmin, F(d). (1.14)
Step 1. We show that the function F : R""! — R satisfies the following properties:
(1) F:R"™ — R is continuous;
(2) F(c) >0 for any ¢ € R
(3) F(c) — 400 as ¢ — oc.
By (1.11), we have

|F(c) = F(d)] = [ Ilf = pell = lf = pall | < llpa — pel]

n

n
= — k _ k |1k
= max [3"(d — cu)a| < 3|k — e max{lal*, o)
=0 =0
—0 as d — ¢ in R™ L,

This proves Part (1). Part (2) is clearly true.
To prove Part (3), we define G : R""' — R by G(c) = ||p.|| for any ¢ € R™*!. As proved
in Part (1), G : R""! — R is continuous. Let

S" = {c e R™ ;||| = 1},
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where

Ve = (co,...,cn} € R*

Clearly, S™ is a closed and bounded subset, and hence a compact subset, of R"*1. Moreover,
G(c) > 0 for any ¢ € S”. The continuity of G : R"™ — R then implies that

p = inf G(c) > 0. (1.15)

cesSn

Now, let ¢ € R™™! with ¢ # 0. Set ¢ := (1/||¢||)c € S™. We have

pelw) = e =lle| > et = lellpe(e) v € a,d],
k=0 k=0

i.e., p. = ||c||[pe. Therefore, by (1.11) and (1.15), we have

F(e) 2 [lpell = 1 = Il lellpe [| = (171
= [lellGpe) = IF1 = llellpe =[] = +oo s [l — oo,

proving Part (3).

Step 2. Let m = inf cgnt1 F(¢) > 0. Since lim,_o, F(c) = 400, there exists R > 0 such
that F(c) > m + 1if ||c[| > R. Therefore, m = inf};j<r F(c). Since F' is continuous on the
bounded and closed subset Br := {c € R""! : ||c|| < R}, it attains its minimum over Bg,
and hence over the entire R" . O

Theorem 1.7 (The Chebyshev Alternation Theorem). Let f € Cla,b] and f & P,,.
Then, p € P, is a best uniform approzimation if and only if f — p achieves its maximum
magnitude alt n + 2 points with alternating signs, i.e., there exist n + 2 points x (1 < k <
n+2) witha <z < -+ < xpra < b such that

|f(zr) — p(zi)| = ||.f —pll, 1<k<n+2,
[f(zr) — p(ar)][f (Ths1) — p(@R11)] <O, k=1,...,n+1.

Example. Consider f(z) = z? with x € [0,1] and n = 1. Let p(x) =z —1/8. So, p € P;.

Let .
g(x) = f(z) — pla) =a* — o+ .

It is easy to show that |g(x)| attains its maximum value ||g|| = 1/8 at x = 0,1/2,1. Also,

0) = -9 (3 ) =901 = § =l
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Thus, by the Chebyshev Alternation Theorem, p; € P; is a best uniform approximation of
f(x) =2 on [0,1], i.e.,

1
max |f(x) — p(x)] = max x2—$+g' < 1rr1au<|$2 — q(z)] Vq € P;.

0<z<1 0<z<1 ~ 0<z<1
Equivalently,
2 R 2
max |¢° — 2+ —| = min max |z + az + ).
0<z<1 8 a,B€R 0<z<1

Definition 1.8 (Change of sign). A function g : (a,b) — R changes its sign at a point
z € (a,b), if there exists ¢ > 0 with (z —e,z+¢) C (a,b) such that either the following hold
true:

(1) g(x) >0 for allx € (z —€,2) and g(x) <0 for all x € (2,2 + ¢€);

(2) both one-sided limits g(z—) and g(z+) exist and g(z—) # g(z+),
or the following hold true:

(1) g(z) <0 forallx € (z —€,2) and g(x) > 0 for all x € (2,2 +¢€);

(2) both one-sided limits g(z—) and g(z+) exist and g(z—) # g(z+).

Proof of the Chebyshev Alternation Theorem. It is clear that the Chebyshev Alternation
Theorem is equivalent to the following statement:

Let f € Cla,b] but f & P,. Then, the zero polynomial 0 € P, is a best uniform
approzimation of f in P, if and only if f achieves its mazimum magnitude at n + 2
points in [a,b] with alternating signs.

Therefore, we need only to prove this statement. We divide our proof into two parts.
Part 1. The “if” part. If 0 were not the best uniform approximation in p, of f, then
there would exit p € P,, such that

0<|lf=pll<f=0[=r[ (1.16)
Let a <z <--+ < xpio < b be such that

[f)l =1, k=1...,n+2
flze) f(zre1) <O k=1,...,n+1.

It follows from (1.16) that

p(zr) = fler)l < llp = fIF <[l flI= 1/ (zx)l.

Consequently,
signp(ae) = sign (p(ey) — flae) + F@) = sign fm),  k=1...,n+2,

11



where sign z = z/|z| for any nonzero z € R and sign 0 = 0. Thus, p changes its sign at n+ 2
points. Hence, p has at least n+ 1 roots. But p € P,,. So, p = 0. By (1.16), ||0— f|| < || f]]-
This is a contradiction.

Part 2. The “only if” part. Assume the assertion were not true. Then, there would
exist m 4 1 points with 0 < m < n such that f achieves its maximum magnitude at these
points with alternating signs. If m = 0, then f would have the same sign at all its points
of maximum magnitude. In this case, there would exist a nonzero constant ¢ such that
If —¢|]| < |If]l- This contradicts the fact that 0 is the best uniform approximation of f in
P,. Thus, 1 < m < n. We shall construct a polynomial in P, that would be closer to f
than 0 with respect to the norm || - ||.

Step 1. Let Z = {z € [a,b] : |f(z)| = || f]|}. Without loss of generality, we may assume
that f > 0 at the smallest number of Z. Such smallest number exists, since Z is closed
in [a,b], a consequence of the continuity of f. Since signf alternates at m + 1 points in
Z, there exist & (1 < k < m) with a < & < -+ < &, < b such that signf alternates in
Z N &, &) (k=1,...,m). Define

p(r) = (& =) (§n — ).

Clearly, p € P,,, and
sign p(z) = sign f(x) Vo e Z. (1.17)

Let x € Z. Since |f(x)| = || f]| > 0, (1.17) implies that p(z) # 0. Since Z is closed in [a, b],

min|p(z)| > 0. (1.18)

T€Z

In particular, this implies that ||p|| > 0.
Step 2. We show that

Hf— WPH < I/ (1.19)
for small € > 0.
bt @@ @@
. pla)f(x Cp(@)||f(z ,
D I S Ry T LS
By (1.18), § > 0. Define
) (@) b ) p(@)f(@) b
A= {x € [a,b] : Tl > 2} and B = {x € [a,b] : il < 2}.

Clearly, [a,b] = AU B, A and B are disjoint, and B is closed in [a, b]. If 2 € A, then

: g@ﬂ@+g(mmf

5 _ 2o p(x)
F)l =22 vl

- mp(iﬂ)

kw
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52 )
sHf||2—a<5+52:y|f||2—Z for 0 <& < 3. (1.20)
If x € B, then by the definition of § and B,
p(z)f(z) < S _s < p()f () vy e 7.
il 2 Il

This implies that x ¢ Z, and hence |f(x)| < ||f||. Consequently, since f is continuous and
B is closed in [a, b], we obtain that

M = max | f(z)] <|[f]-

Therefore, for 0 < e < || f|| — M,

€ €
) - v < UGl + | S| <M<l veen (o
It therefore follows from (1.20) and (1.21) that
€ ) (0
f_—p SHfH) if 0 <e < min §7HfH_M :
il
This contradicts the fact that 0 is the best uniform approximation in P,, of f. |

Theorem 1.9 (Uniqueness of best uniform approximations). For any f € Cla,b]
and integer n > 0, the best approrimation of f in P, is unique.

Proof. Without loss of generality, we may assume f & P,,. Assume that p,q € P, are best
uniform approximations of f in P, i.e.,

If =pl = 1If = all = En(f),
where E,(f) is defined in (1.12). Let r = (p + q)/2 € P,,. Then,

1 1 1 1
B0 <1 = rll = 50 =9+ 30— )| < 307 =+ 17— all = B

Hence, r € P, is also a best uniform approximation of f in P,,.
By the Chebyshev Alternation Theorem, there exist n + 2 points z; (k= 1,...,n+ 2)
with a < 2y < -+ < 2,49 < b such that

[fGex) = r@@p)| = llr = fll = Ea(f), k=1,...,n+2.
Fix k (1 <k <n+2). Assume first f(zy) — r(zx) = E,(f). Then, we have

1

Flaw) = Slplee) +alwn)] = flan) = (o) = Bu(f) = |If = pll = fl2x) = plaw),
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< p(xg). Similarly, we have p(zx) < q(xy). Thus, p(zx) = p(x). Assume

leading to q(zx) <
now f(xy) —r(xg) = —E,(f). We have

flag) — %[p(ﬂik) +q(xn)] = f(ar) — r(ze) = —Eu(f) = =[If —pll < f(2x) — plaw),

leading to q(zg) > p(xy). Similarly, p(xg) > p(zx). Hence, p(zr) = p(xy). Therefore,
p(zr) = q(zy) for all the n + 2 distinct points x1, ..., Z,4o. Hence, p = ¢ in P,. O
1.3 Chebyshev Polynomials

Consider n > 1 and f(x) = 2" for z € [—1,1]. By Theorem 1.6, There exists a unique
Pn_1 € P,_1 such that

If = po-tller=1.1 < |f = @n=1llo-1.1] Van-1 € Pr1.
Denote for any integer k£ > 0
Py = {p € P : the leading coefficient of p is 1}.
Then fn =f—pn1 € ﬁSn is the unique polynomial in i’n that satisfies

| Tollcr-1,1) = min||ple-1,1- (1.22)

pEPn

By the Chebyshev Alternation Theorem, T, is characterized by achieving its maximum
magnitude at n + 1 points in [—1, 1] with alternating signs.
To find T,,, we consider for each n > 0!

T.(x) = cos(narccosx)  Va € [—1,1]. (1.23)

Introducing = = cos @ for all 6 € [0, 7], we can write

T, (z) = cosnf = cos(n arccos z) Vo e [-1,1].
Since
cos(n + 1)8 + cos(n — 1)0 = 2 cos 6 cos nb, (1.24)
we obtain
Toi1(x) = 22T, (x) — Ty_1() x e [—1,1]. (1.25)

Clearly, Ty(x) = 1 and Ti(xz) = z. Therefore, by induction, we conclude that T), is a
polynomial of degree n, and for n > 1 the leading coefficient of T}, is 2" 1.

1See [8] for more on the derivation of T},.

14



Let 6y = kr/n € [0, 7] and x = cos O, k =0,...,n. Then,

T, (zx) = cosnby = coskm = (—1)’“ = (—1)kHTn||c[_1,1},

k=0,...,n.

This means that 7,, € P,, achieves its maximum magnitude at n + 1 points in [—1, 1] with

alternating signs. Therefore, for n > 1,

T,(z) = 2'""T,(x) = 2" cos(n arccos ),

We call T,, (n
polynomials are

To(z) =1,

Ti(z) = ,

Ty(z) = 22 — 1,
Ts(z) = 42® — 3,
Ty(z) = 8x* — 82 +1

ze[-1,1]. (1.26)

> 0) the Chebyshev polynomials of the first kind. The first few of these

The following theorem summarizes the properties of such polynomials:

Theorem 1.10 (Properties of Chebyshev polynomials of the first kind).

(1) Orthogonality.

0
1 1

(2) Recurrence.

if m #n,

ifm=mn=0, (1.27)
if m=mn>D0.

n=1,....

In particular, each T, is a polynomial of degree n. Moreover, if n is an even (odd)

number, then T, is an even (odd) function.
(3) Extreme points and zeros.

| Tallor-1,1 = 1, n=0,...,
k
In (COS —W) =(-DF=(-D" k=0
n
2k —1
T, (cos u) =0, k=1,
2n

15



(4) Best uniform approximation and least-squares approximation. For each n > 1, Tvn =
21T € Py, is the unique polynomial in P, such that

HTVnHC[—Lu = min ”ﬁ“()[—m] — 21777,’
PEPn

1
1
(z)]*dr = min

1
1 _

- [T, -

/1\/1—562[ PP J -1 V1 — a2

(5) Differential equation.

[P (2))?dx = 21 "7,

(1 — 2T/ (z) — 2T.(z) + n’Ty(z) = 0, n=0,....

(6) The generating function.

1 —tx >
o = 2 L)t ~1,1 ~1.1].
1 — 2ty + t2 n(ac)t VtE( , )Vxe[ ’ ]

(7) Rodrigues’ formula.

T,(z) = i(l _ ﬁ)%

2\n—1 .
(2n — 1)l (I—2®)""2,  n=0,.... O

dz™
Proof. We only prove Parts (1)—(6). The proof of Part (7) can be found in [9].
(1) By the change of variable = = cos 6, we obtain

1 i
/_1 ﬁTm(gg)Tn(x) dr = /0 cos mb cos nb db
= % / [cos(m + n)@ + cos(m — n)6] db.
0

Since

/ cos k6df = 0 for any integer k > 1,
0

simple calculations then lead to (1.27).

(2) This is proved above, cf. (1.23)-(1.25).

(3) This follows from the definition (1.23) and direct calculations.

(4) The first minimization property is proved above, cf. (1.22) and (1.26). The second
minimization property follows from Theorem 1.26 in Section 1.8 on properties of orthogonal
polynomials and (1.27).

(5) By the definition (1.23), we have

T (z) = nsin(n arccos x)
" Vi—a?

16



—n?cos(narccosz)  nasin(narccos )

1 — 22 * (1 — x2)3/2

T,(z) =
These, together with (1.23), imply the desired differential equation.

(6) Let i be the complex unit, i.e., i> = —1. Denote R(z) the real part of a complex
number z. We have using x = cos 6 that

ZTn(:U)t" = Z cos(nf)t" = ZR (t"e™) =R (Z (teia)n> :

n=0
Since
= (t z‘@)n 1 1 1 —tcosf+itsind 1 —tx+itsind
e = - g = _—
— 1—te? 1 —tcosf —itsinb (1—tcos€)2+tzsin29 1—2tx+12 7’
we have
> > o\ 1—tx
T,(2)t" =R e\ | = ——
S -n(Seer) - it
completing the proof. O

1.4 Uniform Approximation by Trigonometric Poly-
nomials

We denote by Cs,; the set of all real-valued, 27-periodical functions on R.

Theorem 1.11 (The Second Weierstrass Approximation Theorem). Let f € Cs,.
For any € > 0, there exists T € T such that

|f(x) =T(x)| <e Vo € R. (1.28)

Theorem 1.12 (Best uniform approximations by trigonometric polynomials). For
any f € Cop and any integer n > 0, there exists a unique best uniform approrimation of f
n Tp. Moreover, T,, € T, is the best uniform approzimation of f in T, if and only if there
erist

1.5 Modulus of Continuity and Jackson’s Theorems

Definition 1.13 (Modulus of continuity). Let f € C[a,b] and § > 0. The number
w(f;0) = sup |[f(z)— f()]

z,x' €a,b]
jo—a/| <0

is called the modulus of continuity of f over |a,b] with § > 0.
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Clearly, f is uniformly continuous if and only if lims_qw(f;d) = 0.

Definition 1.14 (Lipschitz continuous functions). Let S be a nonempty subset of R.
A function f : S — R is a Lipschitz function, if there exists L > 0 such that

If(z) = f)| < Llz—y| Vax,yeS.

1.6 Least-Squares Approximation

Definition 1.15 (Weight functions). A weight function on a finite intervale [a,b] is a
non-negative, integrable function p : (a,b) — R that satisfies

d
/ p(x)dz >0 for any sub-interval (c,d) C (a,b).

Examples.

(1) For any [a,b], p(x) = 1 defines a weight function.

(2) For [a,b] = [—1,1], p(x) = 1/+/1 — 22 defines a weight function.

(3) Let p: [a,b] — R satisfy the following: (a) p is integrable on [a, b]; (b) p is continuous
in (a,b); (c) p(x) > 0 for any x € (a,b) and p has at most finitely many zeros in (a, b).
Then, p is a weight function on [a, b].

We assume in the rest of this section that p is a weight function on [a, b]. We denote by
L2(a,b) the set of all measurable functions f : [a,b] — R such that

/ o) (2)]2dz < 0.

If p(x) = 1 for all z € (a,b), then we simply write L*(a,b) instead of L2(a,b). Under the
usual addition and scalar multiplication, Li(a, b) is a vector space. Clearly, P C Cla,b] C
L2(a,b). If f,g € L2(a,b), then

b b T 2 T 2
[ sl < [ O el (1.29)

Thus, pfg is integrable. In particular, setting g(z) = 1, we see that pf is integrable.

Proposition 1.16 (The Cauchy-Schwarz inequality). We have

S\/ / p(:v)[f(x)Pdfv\/ | lapds  vhg € Lab),
(1.30)

/ o) (2)g(x) da

18



Proof. Consider the non-negative quadratic function ¢ : R — R defined by

o0 = [ pla) F(a) + Ag(a) do
pt / p(2)[g(x)d + 2 / p(2) f(2)g(x) d + / (@) [f(@)Pdr YAER

If the leading coefficient of ¢ is 0, then the inequality (1.30) holds true trivially. If it is
nonzero, then the discriminant of ¢ is non-positive, i.e.,

2

1 [ / @) f()ae) dx} = ' o@)lge)Pda / (@) () <0,

This leads to the inequality in (1.30). O
Definition 1.17 (Least-squares approximation). A least-squares approximation of a

given function f € Li(a, b) in P, is a polynomial p, € P, that satisfies

b b
/ p(@)[f(x) = pa(x))*dr < / p(@)[f (@) = au(@)]dz Vg, € Py (1.31)

Theorem 1.18 (Existence, uniqueness, and characterization of least-squares ap-
proximations). Let f € L2(a,b). Let n >0 be an integer.

(1) There exists a unique least-squares approximation of f in P,.

(2) Let p, € P,. Then p, is the least-squares approzimation of f in P, if and only if

/ (0 f(2) = pa(@)ga(@)dz =0 Vg, € P, (1.32)

(3) If p, € P, is the least-squares approzimation of f in P,, then

/ p(@)f () — pula)Pdz = / o() [ () e — / p(@)lpa(e)Pde. (1.33)

To prove this theorem, we introduce the (n + 1) x (n + 1) matrix

b n
Gpi1 = [/ p(:c)x”jdx} . (1.34)
a i,j=0

In the special case that [a,b] = [0,1] and p(x) = 1, this is a Hilbert matrix.

Lemma 1.19. The matriz G,1 is symmetric positive definite.
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Proof. Define

b n 2
a i=0

Clearly, Q : R"" — R is a non-negative quadratic form. If Q(£) = 0 for some ¢ € R"",
then, by Lemma 1.20, """  &a' = 0 for all @ € [a,b]. Hence, £ = 0 in R™™. Therefore,
Q : R"*! — R is a positive quadratic form.

It is clear that

n

1 b o
Q) =5 Z (/ P(x)xzﬂdw) & VE=(&,..., &) ERML

i,j=0
Therefore, G,,1; is the matrix associated with the positive quadratic form @ : R"*! — R.
Hence, G, is symmetric positive definite. O

Proof of Theorem 1.18. (1) Define

" 2
f(z) — cixi] dr  Ve=(cy,...,c,) € R™ (1.35)

=0

Flo - [ e

Clearly, F : R""! — R is a non-negative quadratic function. Direct calculations lead to

n

CE | bp(sc)x"ﬂ‘dw} cics - 22 | bp(x)f(w)xidw} - @) ()

1,7=0

Thus, the Hessian matrix of F is

n

o’ 1" ' i+
2], o[ o]

,J=0 4,7=0

where G, 41 is the matrix defined in (1.34). By Lemma 1.19, the Hessian matrix of F is
therefore symmetric positive definite. Consequently, F' : R**! — R is a convex quadratic

form. Since it is non-negative, it admits a unique minimizer é = (&, . .., ¢,) € R, Define
n

pn(T) = Zéi:v’ Vo € R. (1.36)
i=0

Then, p, € P, is the unique polynomial in P, that satisfies (1.31).

(2) From Part (1), the unique least-squares approximation p, € P, is given by (1.36),
where ¢ = (&,...,¢,) € R is the unique minimizer of the convex quadratic function
F :R" — R. Clearly, ¢ is the unique critical point of F' determined by

8;F(@E) =0, j=0,...,n (1.37)
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By the definition of F' : R"™™ — R (cf. (1.35)) and the Chain Rule, we obtain for any
c=(co,.-.,c,) € R" that

n

b
0;F(c) = 2/ p(x) [f(x) - Z cixi] (—27) dz, j=0,...,n. (1.38)

=0

Therefore, by the definition of p, in (1.36), the system of equations (1.37) is equivalent to

b
/ o) [f(z) — pale) Pde,  j=0.....n,

which in turn is equivalent to (1.32), since P,, = Span{l,z,...,z"}.
(3) Suppose p, € P, is the least-squares approximation of f. By (1.32) with ¢, = py,
we have

/ P () — pal)|pa(z)dz = 0.

Therefore,
[ @i = [ i) - pate) + paeli
= [ o@ls) - paar + [ oo
v f @) (2) — o) puds
= [ o) - paar + [ e
This implies (1.33). O

From the proof, cf. (1.37) and (1.38), we see that this least-squares approximation
pn(x) =7, &x' can be obtained by solving the system of linear equations

n

Z [/abp(f)@"iﬂdx] Ci = /abp($)f(x):vjd$ j=0,...,n.

1=0

The coefficient matrix of this system of linear equations is exactly G,.1, defined in (1.34).

1.7 Orthogonal Polynomials

Fix a weight function p on [a, b]. For convenience, we denote

(f.g) = / (@) f@)g(e)de Vg€ L2(a,b).
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By (1.29), (f, g) is finite for any f,g € L2(a,b). The mapping (-,-) : L>(a,b) x L>(a,b) — R
clearly satisfies the following properties:
(1) Symmetry.
(f.9)={g.f) VY[, geLia,b)

(2) Bilinearity.
(af +Bg,h) = alf,h) + B{g,h)  Vf.g,h € Ly(a,b) Vo, €R;

(3) Non-negativity.
(f,fy=0  VfeLiab).

Lemma 1.20. Let f € Cla,b]. If

then f(z) =0 for all x € |a,b].

Proof. Suppose there existed a point zg € [a,b] such that f(zg) # 0. By the continuity of
[, there would have existed a sub-interval [c,d] C [a,b] with ¢ < d such that |f(z)] > eq
for all x € [c,d] for some constant €g > 0. Now, by the definition of a weight function,

fcd p(z)dxz > 0. Therefore,

/a bp(x)[f (z)]?dz > / d p(x)[f(2)]?dx > &2 / ' p(z)dz > 0.

This contradicts the assumption. |

Consider the subspace Cla,b] of L2(a,b). The mapping (-,-) : Cla,b] x Cla,b] — R is
in fact an inner product of Cfa,b], i.e., it is symmetric, bilinear, and positive. Here, the
positivity means

(f,f) =0 Vf e Cla,b].
(f,.fy=0 ifandonlyif  f=0 inCla,b.

The “only if” part in the last equation follows from Lemma 1.20. The norm of C|a, ]
induced by this inner product is

b
1flle2@p) = VAf f) = \// p(a)lf (x)]Pdx (1.39)

for any f € Cf[a,b]. This is called the L2(a,b)-norm. We will also use (1.39) for any
f € Li(a,b). Tt is often written as || - [| instead of || - [|£2(a,), When no confusion arises.
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Definition 1.21 (Orthogonal polynomials). A sequence of polynomials Q,, (n =0, ...)
are called orthogonal polynomials in Lﬁ(a, b), if the following hold true:
(1) For each integer n > 0, @, is a polynomial of degree exactly n;
(2) (Qm,Qn) =0 whenever m # n.
A sequence of orthogonal polynomials Q,, (n =0,...) in Li(a, b) are called orthonormal
polynomials in L2(a,b), if they satisfy
(3) (Qn,Qn) =1 for alln > 0.
A set of finitely many polynomials are called orthogonal (or orthonormal) in L2(a,b) if
it is a subset of a sequence of orthogonal (or orthonormal) polynomials.

If @, (n=0,...) are orthogonal polynomials, then (Q,,, @,) # 0 for each n > 0. More-
over, the polynomials Q,,/+/{Qn, Q) (n =0,...) are orthonormal. In general, orthonormal
polynomials @,, (n =0,...) are characterized by

where 0;; is defined to be 1 if ¢ = j and 0 if 7 # j.

The Chebyshev polynomials T;, (n = 0,...) are orthogonal polynomials in L2(—1,1)
with p(z) = 1/v/1 — 22. Another important class of orthogonal polynomials are Legendre
polynomials P, (n =0,...) in L*(—1,1) that will be discussed in Section 1.9.

Lemma 1.22. If Qo,...,Q, be orthogonal polynomials in Lf,(a, b), then
(1) The n+ 1 polynomials Qo, ..., Q, are linearly independent in Lz(a, b);
(2) P, = Span{Qo, ..., Qn}. Moreover,

n

<pn7 Qk>
o= S L k) N € P, .
p ; OO0 e (1.41)

Proof. (1) Suppose there exist a, ..., a, € R such that >, @, = 0. Multiplying both
sides of this equation by pQ; for an arbitrary but fixed j with 0 < j < n and then integrate
over [a, b], we obtain by (1.40) that o;(Q;, Q;) = 0, implying a; = 0, since (Q;, Q;) # 0 by
Lemma 1.20. Hence, @y, ..., Q, are linearly independent.

(2) Since the dimension of P, is n + 1, the n + 1 linearly independent polynomials
Qo, - -.,Q, in P, form a basis of P,,. Hence, they span P,,.

Fix p, € P, = Span{Qy, ..., Q,}. There exist constants ¢; € R (i = 0,...,n) such that
Pr = 2 po C:Qi. Multiplying both sides of this equation by pQ; for an arbitrary but fixed j
with 0 < j < n and then integrate over [a, b], we obtain by (1.40) that (p,, Q;) = ¢;(Q;, Q).
This implies (1.41). O

Theorem 1.23 (Characterization of least-squares approximations using orthonor-
mal polynomials). Let Qq, ..., Q, be orthonormal polynomials in Li(a, b). Then the least-
squares approximation of a given f € L?)(a, b) in P, is given by

n

pn =Y _(f,Qr)CQs- (1.42)

k=0
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Moreover,
n

1 = anll® = 1LFI1P = Y (f. Q™. (1.43)

k=0

Proof. Clearly, the polynomial p,, defined in (1.42) is in P,,. Fix an arbitrary integer j with
0 <j <mn. Since Qy,...,Q, are orthonormal, we have

n

(= pnn Q) = (£.Q) = Y (F,Qu{Qu. Qs) = (£,Q)) — (£,Q;) = 0.

k=0

Hence, by Lemma 1.22,
(f=Pnan) =0 Vg, € Py

This is exactly (1.32). Therefore, by Theorem 1.18, p,, € P, is the unique least-squares
approximation of f in P,,.

It follows from (1.42), the symmetry and bilinearity of (-, -), and the fact that Q, ..., Q.
are orthonormal that

(pnspn) = (O (1, Q@i Y (F,Q)Q5) = D (£, Qi) (f,Q3)(Qi, Qs) = Y {f, Q)"
=0 i=0 i,j=0 i=0
This, together with Part (3) of Theorem 1.18, implies (1.43). O

Theorem 1.24 (The Gram-Schmidt orthogonalization). Consider L?(a,b). Let fo(x) =
1 and fy(x) = 2% for any integer k > 1. Define

golz) = mfo(x), (1.44)
k—1
9e(x) = fe(x) = > (fr, 95)9i(2),
=1 k=2, ... (1.45)

() = ———u(v)
k <gk’gk> k ’

Then gy (k=0,...) are orthonormal polynomials.

Proof. Clearly, gy and ¢, are polynomial of degrees 0 and 1, respectively. Moreover, direct
calculations using (1.44) and (1.45) lead to (go,90) = (91,91) = 1 and (go,g1) = 0. Let
k > 1 be an integer. Assume that g; is a polynomial of degree i for each ¢ with 0 <1 < k
and that
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Since fr11 is a polynomial of degree k + 1, we see from (1.45) with k replaced by k + 1
that gx.1 is a polynomial of degree k + 1. Clearly, (gx+1,9x+1) = 1. Moreover, for each i
with 0 < ¢ < k, we have by (1.45) and (1.46) that

(fe+1, 9504955 95) = (frr1,9i) — (frs1,9:) = 0.

M)~

<gk+lagi> = <fk+1agi> -

J

I
=)

Since gx+1 and gi.q differ by a nonzero constant multiplier, we have

(Gri1,90) =0, i=0,...,k

Therefore, (1.46) is true with k replaced by k + 1. Consequently, g (k = 0,...) are
orthonormal polynomials.

Example. Consider L*[—1,1].
1 1 1
R N N RYHIE

Therefore, gg, g1, g2 are orthonormal polynomials in L?[—1, 1].

1.8 More Properties of Orthogonal Polynomials

Theorem 1.25 (The three-term recurrence). Consider L(a,b).
(1) Define

) =1,

)=z —ay,

)
=
8

Q1 (

Qu(z) = (2 — a)Qn_1(2) — b,Qn_o(x), n=2...,

8
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an:<x§n_1’§n_l>, n=1,...,
<9n—179n—1>
<9n717 9n71>
(Qn-2,Qn-2)

n=2....

Then @n (n=0,...) are the orthogonal polynomials with each @n €P,.

(2) Let Q, (n=0,...) be orthogonal polynomials. Then

Qn(z) = (Apz + B)Qn_1(2) — CpQuo(z) n=2,....

where

Qp <xQn—1> Qn—1>

QO

A, = B, = C, =

(1.47)

Q2 <Qn—l ) Qn—l)

QOp—1 ’
Proof. (1) Clearly, @0 € Py and @1 € P,. Since

a, = <$@07é0> _ <IE,1>
(Q0, Qo) (L1)

we have

(Qo, Q1) = (1,x —ay) = (1,2) — (1,1)a; = 0.
Let n > 2. Assume @k € UNDk for all k € {0,...,n— 1} and

(Qj. Qu) =0, if0<jk<n—1andj#k.
Clearly, én € ﬁsn We have by the definition of @n and (1.48) that

<©n: @n—l) - <($ - an)@n—l - bn@n—% @n—1>

= <$©n—1a én—l) - an(@n—la @n—l) - bn(én—% Ct‘?/n—1>
<Qvn—1> Qvn—1>

<x§n71 7§n71>

= Qo @uo) =S5

0,
<@n; @n72> = <(13 - an)@nfl - bn@nf% @nf2>

- <x©n—17 @n—2> - an(@n—lu @n—2> - bn(@n—% @n—2>
<@n—27 @n—2>

R R I o))
<xQn—17 Qn—2> <©n_2©n_2>

= <©nflaxén72> - <@n717 @n71>
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- <~n—17 m@n—Q - én—1>
= ()’

where the last equation follows from that fact that x@n,g - @n,l €Pr o Llet0<k<n-3
with n > 3. We have again by the definition of @,, and (1.48) that

<@’m @k) = <(ZE - an)@n—l - bn@n—% ©k>
= <x@n—17 ék> - an(@n—la @k) - bn<@n—2a @k)

<@n—l> $©k>
O)

since x@k € Prr1 € P,_o. Therefore, (1.48) holds true with n — 1 replaced by n. Part (1)
is thus proved. B

(2) Note that Q,, := (1/a,)Q, € P,,. Thus, it follows from Part (1) and the definition
of all a,,b,, and A, B,,C, that

Qn(w) = Q)
= (2 — a)Qn_1(2) — byQn—o()]

= (= @) Q@) = by Qe

Qn—1

- ( - O‘"a">@n1(:c> _Gnbugy ()

Qp—1 Qp—1 Qp—2

= (Apz + Bp)Qn_1(7) — CpQno(v)  Yn>2.

This is (1.47). 0
Example. Consider L*[—1,1].

Qo(z) = 1.
0.3
(Qo, Qo)
Qi(z)=2—a; =z
<$@1,@1> _ f_11 w’dx _
<@1, é1> f_ll r2dr
(Q1,Q1) _ f_11 *dx 1
(Qo, Qo) f_ll lde 3
1

@2(93) = (z — a2)@1($) — bzéo(x) =72 3

Y

Y

o =
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Thus, @0, @1, @2 are the orthogonal polynomials in L?[—1, 1] that have leading coefficient
1. Each of them differs by a constant multiplier from the corresponding one obtained in the
previous example using the Gram-Schmidt orthogonalization.

Theorem 1.26 (Minimization). Let @), (n =0,...) be orthogonal polynomials in L%(a, b).
Suppose n > 1 and Q,, € P,,, then Q,, is the unique polynomial in P, that satisfies

|Qnll = min {|g|.

qn€Pn

Proof. Since Q),, € if)n, we have @, (z) = 2™ — ¢,_1(z) for some ¢, € P,_;. Thus, by the
orthogonality,
0= <QmQ> = <:Un - QH—17Q> Vq S g)n—l-

Theorem 1.18 then implies that ¢,_; is the unique least-squares approximation of z" in
P,_1. This is equivalent to the assertion of the theorem. |

Colloary 1.27 (Uniqueness of orthogonal polynomials). If {P,}°, and {Q,}32, are
two systems of orthogonal polynomials in Lz(a, b), then, for each n > 0, there exists ¢, € R
with ¢, # 0 such that P, = ¢,Q..

Proof. Let «, and 3, be the leading coefficients of P, and @),, respectively. Then, by
Theorem 1.26, (1/a,) P, = (1/8,)Q, for each n > 1. This is clearly true also for n = 0.
Thus, P, = ¢,Q, with ¢, = «, /3, for each n > 0. O

Theorem 1.28 (Zeros of orthogonal polynomials). Let Q,, (n =0,...) be orthogonal
polynomials in L?,(a, b). Then, for each n > 1, Q, has exactly n simple roots in (a,b).

Proof. Fix an integer n > 1. By the orthogonality,

/ p(2)Qu(2)dz = (@, 1) = 0.

Hence, @, changes its sign in (a,b) at least once. If n = 1, this implies that @); has
exactly one root. Consider n > 2. Suppose @), changes its sign in (a,b) only k times with
1<k<n-—1latz,...,zp witha <z <--- <, <b. Define

p(x) = (z —a1) - (x — ),

Clearly, p € P C P,_1. Moreover, both @), and p change their signs only at xy,...,xg.
Thus,

(Qn,p) =/ p(x)Qn(z)p(x)dz # 0.

This contradicts the fact that (Q,,q) = 0 for any ¢ € P,,_1. Hence, k > n. But Q,, € P,
can have at most n roots. Thus, k = n, and @Q,, has exactly n simple roots in (a,b). |
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Let @, (n=0,...) be orthonormal polynomials in Li(a, b) and define for each n > 0

= Qul(x)Qu(). (1.49)
k=0

We call K,, : R x R — R the Dirichlet kernel associated with first n + 1 orthonormal
polynomials Qq, ..., Qy in L>(a,b). We have for any f € L2(a,b) that

Z(f Qr)Qr(x Z/ t) dt Qp(z)
= Z/ (t)Qx(x) dt

_ / p(t) Ko, ) f (1) dt

a

= (Kn(,-), f())-

It then follows from (1.42) in Theorem 1.23 that the least-squares approximation of f €
2 . . .

L(a,b) in P, is given by

Theorem 1.29 (The Christoffel-Darboux identity). Let @, (n =0,...) be orthonor-

mal polynomials in Lf)[a,b] and K, : R x R — R the Dirichlet kernel associated with
Qo, ..., Qn for each n > 0. Then,

K, (.1) = -n Qne1(@)On(t) = Qnin ()@n ()

Qp41 r—t

Va,t € R with x # t, (1.50)

where ay, 1s the leading coefficient of Qr (k=10,...).
The formula (1.50) is called the Christoffel-Darbouz identity.

Proof of Theorem 1.29. By Theorem 1.25, the orthonormal polynomials @, (n = 0,...)
satisfy (1.47) with A,, = a,/a,—1 and C,, = A, /A,,_1, where «,, is the leading coefficient of
Q.. Therefore, for a fixed n > 1,
Aty Qi (2)Qk(t) — Qira (1) Qi ()]
= A1 (A + Bi1)Qe(®) — Crian Qi1 ()] Qi (1)
— Ay (At + Bry1)Qu(t) — Cra Qi1 (1) Qi()
= (z — )Qr(2)Qk(t) + A [Qr(2)Qr—1(t) — Qu()Qr—1(2)],  k=1,...,n.

Summing over these, we obtain that
A1 [Quir () Qu(t) = Quit (1) Qu()]
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=(z—1) ) Qu(z)Qk(t) + AT [Q1(2)Qo(t) — Q1(t)Qo(2)]
=(z—1) Y Qu(r)Qk(t) + (z — t)Qo(x)Qo(t),
k=1

since Qo(z) = Qo(t) = ap. This leads to (1.50) for n > 2. For the case n = 0 or 1, one can
directly verify that (1.50) is true. O

1.9 Legendre Polynomials

The Legendre polynomials P, € P, (n = 0,...) are the unique orthogonal polynomials in
L?(—1,1) that are normalized by

P,(1)=1 Vn > 0.

A convenient way to define these polynomials is to use Rodrigues’ formula:

1 dar n
Pn(x):an!ﬁ[(ﬁ—l)}, n=0,....

Clearly, for each integer n > 0, P, is a polynomial of degree exactly n. Moreover, if n is
even (odd), then P, is an even (odd) polynomial, i.e., it only consists of even (odd) powers
of x. The first few of these polynomials are

Py(x) =1,

Py(z) ==,

Py(x) = gx2 - %,

Ps(x) = gx3 - gx,

Py(x) = %x‘l — %xZ + g

We summarize in the following theorem some of the important properties of Legendre
polynomials:

Theorem 1.30 (Properties of Legendre polynomials).
(1) Orthogonality.

[ mwpa={g,, 4t (151)
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(2) Recurrence.

Po(z) =1,
Pi(z) ==,
(n+1)Pyi(x) — 2n+ 1)zP,(z) + nP,—1(z) =0, n=1,.... (1.52)

(3) Zeros. For each n > 1, P, has n simple roots in (—1,1).
(4) The least-squares approximation. For eachn > 1, P, := [2"(n!)?/(2n)!|P, € P, is the
unique polynomial in P, such that

~ 20 (nh)? | 2
Pn — = = I ~n - :
| ”LQ( 1,1) 2n)! o 11 ﬁfnnEl%HP HL2( 1,1)

(5) Normalization. For each n > 0,

P,(1)=(-1)"P,(—-1)=1.
(6) Differential equation. For alln >0,
(1 —2*)P!(x) — 2zP.(z) + n(n + 1)P,(z) = 0. (1.53)

(7) The generating function. For any x € [—1,1], the values P,(x) (n = 0,...) are the
coefficients of the Maclaurin series

P,( Vte (—1,1).
\/1—2t:1:+t2 Z ( )

Proof. We only prove Parts (1)—(6). The proof of Part (7) can be found in [9].
(1) Let m,n be non-negative integers. If one of them is 0, then it is clear that (1.51)
holds true. Assume 1 < m < n. Let ¢p(x) = (22 — 1)* for any integer & > 0. Then,

= [1/(2*kN]¢%™. By integration by parts, we thus have
k
[ d@en@ = @el @I - [ s @et e da
1
—— [ @t o) do
-1

= D () D ()P / ) (2)$ () de

— (1) / O )0l @) da
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— (~1)"(2m)! / @) da

This is 0 if m < n. For m =n > 1, we have by the change of variable x = cosf that

/_ 1 (60 (2)]” da: = (—1)"(2n)! /_ (22 — 1)"dw

1

= 2(2n)! /1(1 — 2%)"dx

/2
=2(2n)! / (sin §)***1do
0

~2(2n)!(2n)!
C @2n+ D

This leads to

[ P e = g [ (0@ e
(2n)!(2n)!!

2
220 (1)2(2n + 1)1
2

T 1
(2) Let B, € P, (n = 0,...) be the unique orthogonal polynomials each with leading
coefficient 1 in L*(—1,1). B Theorem 1.25, we have

P,(z) = (z — an)Py_1(x) — by Pus(z), n=2,..., (1.54)

where

T B @pde T
o LGP
S [Proa(x)]?dx

By Corollary 1.27, P, and P, differ only by a constant. Comparing their leading coefficients,
we have
~  2*(n!)?

In particular, P, € an is even (odd) as P, if n is even (odd). Hence, the function a:[lgn_l]Q
is an odd function, and its integral over (—1,1) vanishes. Therefore, all a,, = 0. By (1.55)
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and (1.51),

b — (n—1)° f_ll[Pn_l(x)]Q dx _ (n—1)2 o
n (Qn — 3)2 f_ll[Pn—Q(Qf)]2d$ <2n _ 1)(2n — 3) ) S

Consequently, we have by (1.54) with n replaced by n + 1 that

2
~ ~ n ~
Pn—i—l(x) :{L‘Pn(ﬁ)—mpn_l(f), n=2....

This, together with (1.55), leads to (1.52).

(3) This follows from Theorem 1.28.

(4) This follows from Theorem 1.26 and (1.51).

(5) The fact that P,(1) = 1 follows from the three-term recurrence (1.52) with argument
of induction. Since P, is an even (odd) function if n is even (odd), P,(—1) = (=1)"P,(1) =
(—1)™.

(6) For n = 1, (1.53) is clearly true. We thus assume that n > 2. Let ¢ € P,_;. By
integration by parts and the fact that P, is orthogonal to all polynomials in P,,_;, we have

[ =) dwde = - [ (1P (e) do

1

= [ [0 @) Pt da

=0.

Therefore, ((1 — 2?)P.(x))’ is orthogonal to all polynomials in P,_;. It thus follows from
Corollary 1.27 that

anPp(z) = (1 = a?)Py(x)) = (1 — 2*)P(z) — 22, (x).
Let ¢, be the leading coefficient of P,. We have

(1= 2*)Py(2)) = ¢, [(1 - 2*)P() — 22, (x)]
=, {(1=2*) [n(n—1)2"%+---] = 2z(na" " +---)}
=con(n+1)(2" +--).

These two equations imply (1.53) for n > 2. O

Exercises

1. Let B,f € P, (n =0,...) be the Bernstein polynomials of f € C0,1].
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10.

(a) Let fo(x) =1, fi(x) =1, and fy(x) = x2. Show that

n—1 1

ano(l’) = 1, an1<I> =, anQ(.I') = .T2 + EQT, Vo € [0, ].]

(b) In general, is B, f € P, the best uniform approximation of f € C[0,1] in P,, on
[0, 1]?
Let B,f € P, (n = 0,...) be the Bernstein polynomials of f € C[0,1]. Prove that
1(Buf) — Fllcion — 0 for any f € C'[0,1].
Let 0 <a<b<1and f € Cla,b]. Show that there exist a sequence of polynomials
with integer coefficients that converge to f in the C[a, b]-norm.
Denote | f|| = || fll¢ja,p)- Show that for any f,g € Cla, b]

1f + gl <A+ Nl and  [IAI =gl < 1 = gl

Prove Theorem 1.3.
Let n > 0 be an integer and a, b two real numbers with a < b. Define

Ve = (cg,...,cn) € R™ML

Show that F: R — R is a continuous function.

. Let k > 1 be an integer and f € C*[a, b]. Show that, for any e > 0, there exists p € P

such that
f —p”C[a,b] <€, Hf/ _p/HC[a,b] <€, cee Hf(k) _p(k)HC[a,b] < €.
Let f € Cla,b] but f ¢ P. Show that there exits no polynomial p € P such that
1f = pllcty < IIf —dllcwny Vg eP.

Let zg,...,x, be n + 1 distinct points in [a,b]. Let f € Cla,b]. Does there exist a
unique p € P, such that

max |f(z;) —ple;)l < max |f(z;) —q(z;)l  ¥g € Pu?

Discuss the cases 0 < m < n, m =n, and m > n.
Let fi,..., fn be n linearly independent functions in Cfa,b]. Let f € Cfa,b]. Show
that there exists p € Span{fi,..., f,} such that

\f = pllcay < |1f = dllcy Vg € Span{ fi,..., fn}.

Discuss the uniqueness of such an approximation.
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11.

12.
13.
14.

15.
16.

17.

18.

19.

20.

21.

Let f € Cla,b] and g, € P, for some integer n > 0. Suppose p, € P, is the best
uniform approximation of f in P,,. Prove that p,+q, is the best uniform approximation
of f+¢q, in P,.

Let ¢ > 0. Let f € C[—c,c] be an even (odd) function. Show that the best uniform
approximation of f in P, for an integer n > 0 is also an even (odd) function.

Show that p;(z) = z — 1/8 is the best uniform approximation of f(x) = z? in P; on
[0, 1].

Let f(z) = 2* (0 <z < 1). Find the best uniform approximation of f in P; on [0, 1].
Find the best uniform approximation of "2 in P,, with respect to the C[—1, 1]-norm.
Let f € Cla,b] but f & P, for some integer n > 0. Let p € P, be the best uniform
approximation of f in P, on [a,b]. Can there exist a sequence of strictly increasing
points {zx}72; in [a, b] such that

\f(zr) —p(xe)| = If —pllown Yk > 17

or such that
flaw) = p(ar) = (1| f = pllcay Yk >17

Let n > 1 be an integer. Denote by T,, the set of all functions

T(x) =qg + Z (ak coskr + by, Sinkx)
k=1

with ag, ai,...,a, and by, ..., b, all real numbers. Show that T,, = T,,.

Show that any nonzero trigonometric polynomial of degree less than or equal to n can
have at most 2n zeros in [0, 27).

Prove the Second Weierstrass Approximation Theorem by the First Weierstrass Ap-
proximation Theorem.

Show that the best uniform approximation of an even (odd) function f € Cy, in T,, is
also an even (odd) function.

Given any function g on [a, b], define

9 (0) =y ((b — a)coss tlat b)> V8 € (—o0,00).

Let f € Cla,b] and n > 0 be an integer. Let p € P,, and T' € T,, satisfy, respectively,
”f _p”C[a,b] = En(f) = min Hf - QHC’[a,b]
q€Pn

and
1F* = Tlleon = En(f7) = min || f* = Sle,
€T,

Show that E,(f) = E*(f*) and that T' = p*.
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22. Let f € Cla,b]. Let wy be the modulus of continuity of f over [a,b]. Show for any
integer £ > 1 that
wy (k) < kwy(d)

and for any A\ > 0 that

23. Let f € C(—o00,00). Define for any 6 > 0

Show that
|f(l’)—Rf(5)| SLUf((S) Vo € (_00700)7 6 >0,

where wy(0) is the modulus of continuity of f.
24. Show that there exists a constant K = K(a,b) > 0 independent of f such that

K

E,.(f) < gEn_l(f’) Vf e Cla, b, Vn > 1,

where for any integer k > 0
Eix(f) =min || f — qllclan-
q€Py,

Let f € CP[a,b] for some integer p > 1. Show that there exists a constant K =
K(a,b,p) > 0 independent of f such that

K| f® o
- KIS ety

E.(f) < Vn>p+1,

npP

25. Show that )
2 sint
T

<2y vm(o,f).
t 2
26. Let f € Cy,. Let

1 [ 1 [
ar = — f(x) cos kx dx and by = — / f(x)sin kz dz

™

—Tr

be the Fourier coefficients of f. Let

3

Snf(x) = % + Y (agcoskz + by sinkx)
k=1

be the partial sum of the Fourier series of f for any integer n > 1.
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27.

28.

29.
30.

31.

(a) Show that

1 [7 sin (n+ 1)t
Suf(x) = ;/_ﬂf(ter)Q(sT;) it
and that
1Sufllcee < Anllfllcans
where

sin (n+ 1) ¢

in b
QSln2

dt.

1 i
-
™ —TT

1f = Snflles. < (14 An)EL(f),

(b) Show that

where
Ei(f) = min If = Tlle,..

Show also that Al
y < A\p < 2+ logn.
T

(c) Show that

Prove that
To(Th(x)) = Thn(2) Vm, n > 0.
Prove that .
1
To(x))? =1— Vn > 0.
Calculate T (£1) for any integer n > 0.

(Chebyshev) Let n > 0 be an integer and 7,, the nth Chebyshev polynomial of first
kind. Let P € P, satisfy that |P(z)| <1 for all x € [-1,1]. Show that

Pyl < [Tu(y)|  Vy¢[-1,1].

Prove the following properties of the Chebyshev Polynomials of second kind

sin(n + 1)0
sin 6

Un(x) = : n=0,...,

where x = cos (0 € [0, 7]):
(a) Recursion formula.



(b) Orthogonality.
0 if m # n,

/iinﬁaA@axym_{7ﬂ2 it m = .

(c) Differential equations.
(1—2*)Ul(z) = 32U (z) + n(n+2)Uy(z) =0  n=0,...;
(d) Relations with the Chebyshev polynomials of first kind.

nU,_1(x) =T/ (2), n=1,...,
Un(x) = 2U,—(x) + T (), n=1...;
(e) For each n > 0, U, is a polynomial of degree n with leading coefficient 2".
Moreover, if n is even (odd), then U, is an even (odd) polynomial.
32. Define x(z) = —1if =1 <z <0and x(z) =1if 0 <x < 1.

(a) Show that
inf su x)—x(z)| =1,
e 1<§ll|f( ) = x(2)]

and that there exist infinitely many f € C[—1, 1] such that
sup |f(z) = x(z)[ = 1.

—1<2<1

(b) Show that

inf dz =0,
et [ o)~ xoa -
and that there exists no f € C[—1, 1] such that

/!f 2)[2dz =0,

/0 (@) de < / f@Pde Yf e,

34. Let § be an inner product space. Let fi,..., f, be n linearly independent vectors in
8 and 8,, = Span{fi,..., fn}. Let f € 8. Prove the following:
(a) There exists a unique p € §,, such that

33. Show that

If = pll = min||f —q].
This p is called the least-squares approximation of f in 8,;
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(b) The least-squares approximation p € 8,, of f is characterized by

(f—=p,q) =0  Vqes8;

(c¢) The error of the least-squares approximation is given by

Lf = pI* =117 = llpll*.

35. Let {f,}52, be an orthonormal system of an inner product space 8. Prove the Bessel

inequality

DU <IAP VfEs.

n=1

36. Find the least-squares approximation of f(x) = z3 in Py over [—1,1].

37. Find the least-squares approximation of f(z) = z* in Py over [0, 1].

38. Let p(z) = Y _, axx® € P, be the least squares approximation of a given f € C|0, 1]
over [0,1]. Find the coefficient matrix of the normal equation.

39. Let f € Cla,b] and define

Show that f(x) =0 for all = € [a,b] if and only p,(f) =0 for alln=0,....

40. Let Lo

be the Legendre polynomials.
(a) Let n > 1. Prove directly by Rolle’s Theorem that P, has n simple roots in
(—1,1).
(b) Let r > 1 be an integer. Show that the sequence of corresponding derivatives

{Pp};‘le is orthogonal with respect to the weight function (1 — z?)", i.e.,
1
/ P ()P (2)(1 — 23)"dx = 0 if m # n.
-1

41. Let n > 0 be an integer and P, be defined as in the previous problem.
(a) Show that P, has n distinct roots &;,...,&, in (—=1,1).

(b) Show that
% [xnﬂ _ Xn: ( / 1 P (1) dt) Pp.()

k=0 1

vanishes at these points &, ..., &,.
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42. Let {Q,}5°, be an orthonormal system of polynomials in Li(a, b). Prove for any n > 0
the identity

3 1Qu(@)]? = 2 [Qhy (2)Qu(@) — QL () Quia ()]

(7
k=0 ntl

where «y, is the leading coefficient of Qx (k= 0,...).
43. Let {Q,}22, be an orthogonal system of polynomials in L%(a, b). Let n > 1. Prove
that the zeros of ), and that of ,,., alternate.
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Chapter 2

Polynomial Interpolation

2.1 Lagrange Interpolation
Let n > 0 be an integer, z, . . ., x, distinct points in a finite interval [a, b], and yo, . . ., yn € R.

Definition 2.1 (Larange interpolation). A Lagrange interpolation polynomial, or La-

grange interpolant, that interpolates yo, ..., Yy, at xg,..., T, 1S a polynomial p, € P, such
that

pn(xi) = Yis i=0,...,n. (2.1)
The points xy, . . ., z, are called the interpolation points. In the casey; = f(z;) (i =0,...,n)

for some function f : [a,b] — R, p, is also called a Lagrange interpolation polynomial, or
Lagrange interpolant, of f at xq, ..., x,.

Theorem 2.2 (Existence and uniqueness of Lagrange interpolation). There ezists
a unique Lagrange interpolation polynomial that interpolates yo, . .., Yn at Tg, ..., Ty.

Proof. If n = 0, then the unique py € Py is given by po(z) = yo. Let n > 1. Consider a
general polynomial in P,
pn(x) =at+axr+---+ anxnv

where a; € R (i =0,...,n). Eq. (2.1) is equivalent to the system of linear equations of the
unknowns ay, . .., a,

ag—l—alxl—i——i—anxf:f(xz), z:O,,n (22)

The determinant of the coefficient matrix of this linear system is the Vandermonde deter-
minant

1 my 2 ...
1 x 22 z?
_ 1 e 1] _
V(zg,x1,...,2,) = = H (x; — x;).
0<izicn
1z, x, ... x
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This is nonzero, since xo, ..., x, are distinct. Therefore, (2.2) has a unique solution. This
implies the desired existence and uniqueness. |

For n > 1, we define

12 % i=o0,... .0 (2.3)
$Z'—ZEj

=0
J#i

Clearly, each [; € P,, has the degree exactly n. Moreover,
ll(.CCJ) = 51']‘, Z,j = O, e, . (24)
If n =0, we define [y(z) = 1.

Theorem 2.3 (Lagrange’s formula of Lagrange interpolation). The unique Lagrange

interpolation polynomial p, € P, that interpolates yo, ..., y, at xg,...,x, is given by
pu(r) = yolo(z) + iy () + -+ + yoln(z) = > wili(2). (2.5)
i=0

Proof. Let p, be given by (2.5). Clearly, p, € P,. Moreover, by (2.4),
i=0 i=0
Thus, p, is the Lagrange interpolation polynomial in P,,. [
The formula (2.1) is called Lagrange’s formula of the Lagrange interpolation.
Example. Find the Lagrange interpolation polynomial ps € P, that interpolates yy =

1Ly =3, p=2atzg=0,20 = 1,29 = 2.
We first calculate the polynomials [y, I;, and [l associated with the points zg, x1, and

(x —x1) (T — 22) (z—1)(xz-2) 1, 3
b(®) = G )@=~ 0=Do—2 _2° 2*th
(z—wo)(x—2) (x—0)(z—2)
) = e ) -0 T
@)~ Emmle ) @0 1, 1
2 (xy — mo) (22 —21)  (2—-0)(2—1) 2 2



We have now by Lagrange’s formula (2.1) that
pa(z) = yolo(z) + yili(x) + yala(z)

1 3 1 1
= (1) <§x2 — 5%+ 1) +3(—2”+2z) +2 (§x2 - 5)
5 13

:—§x2+?x—1.
We can check that
5 13
0)=—-0*+—-0-1=-1
5 13
)=—-1"+—-1-1=3
5 13
N=—.224".2_1=2.
pz() 5 +2

The polynomials lg, ...,[, defined in (2.3) are called the Lagrange basis polynomials
associated with the n+ 1 distinct points xg, ..., z,. The word “basis” is justified in the first
part of the following proposition:

Proposition 2.4. (1) The polynomials ly, .. .,l, defined in (2.3) form a basis of P,,.
(2) For any p, € P,,

> paleli(@) = pule) Vo e R, (2.6)
> pnle = w)li(@) =pa(0) Vo ER. (2.7)

Proof. (1) Let co, ..., ¢, € Rsatisty >0 j¢;li =0in Py, e, D0 cili(x) = 0 for all z € R.
Setting = = x; for an arbitrary j with 0 < j < n, we obtain by (2.4) that ¢; = 0. Thus,
lo,...,l, are linearly independent in P,,, and form a basis of P, since dimP, =n + 1.

(2) Let g, (x) denote the left-hand side of the identity in (2.6). Clearly, ¢, € P,,. More-
over, it follows from (2.4) that g,(x;) = pn(x;) for all j = 0,...,n. Thus, the polynomial
Pn — Gn € P, vanishes at n+ 1 distinct points. Since any nonzero polynomial in P, can have
at most n zeros, g,(x) — p,(z) must be identically zero. This proves (2.6).

To prove (2.7), we fix an arbitrary « € R. Notice that p,(x — -) € P,. Thus, by (2.6),

ipn(ﬂc —x;)li(t) = pn(z — 1) vVt € R.

Setting ¢t = x, we obtain (2.7). O
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For any f € C|a,b], we denote by L, f € P, the Lagrange interpolation polynomial that
interpolates f at zg,...,z,. We call L, : Cla,b] — P, the Lagrange interpolation operator,
or simply Lagrange interpolator, associated with the n+ 1 distinct points o, ..., z, € [a,b].

Proposition 2.5. (1) Fach L, : Cla,b] — P, is a linear operator.
(2) Lnf = [ for any f € Py.

Proof. (1) This follows from Lagrange’s formula (2.5).
(2) This follows from (2.5) and (2.6). O

For each k > 1, we denote by C*[a,b] the set of functions f : [a,b] — R that have all
the continuous derivatives f) on [a,b] for 1 < j < k. The derivatives at the end-points
a and b are the one-sided derivatives, and the continuity at a and b is also one-sided. For
convenience, we denote C°[a, b] = Cla, b].

Theorem 2.6 (The remainder of Lagrange interpolation). Let xq,...,z, be n + 1
distinct points in [a,b]. Let f € C"a,b] and L,f € P, be the Lagrange interpolant of f
at xg, ..., x,. Then for any x € |a,b] there exists £(x) € [a,b] such that

(e ()
f(x) = (Lnf)(z) = NCES

Proof. Let x € [a,b]. If x = x; for some ¢ with 0 < ¢ < n, then (2.8) holds true for any
£(x) € a,b]. Assume that © # z; (0 <7 <n). Let w(t) = [[_,(t — z;) and define
o(t) = f(t) = (Luf)(t) — Aw(t),
where A € R is so chosen that ¢(z) =0, i.e.,
L 1)~ (L)@
w(t) '

Clearly ¢ € C™""[a,b]. Moreover, ¢ = 0 at the n + 2 distinct points z, zg, ..., x, in [a,b].
Thus, by Rolle’s Theorem,

(x —x) - (v — ) Va € [a,b]. (2.8)

(2.9)

¢ =0 at n + 1 distinct points in [a, b],
¢" = 0 at n distinct points in [a, b,

™ =0 at 2 distinct points in [a, b].
Finally, there exists £(x) € [a, b] such that ("1 (£(x)) = 0. By the definition of ¢, we have
(1) = F(E) = A(n+ 1)

Hence,
S E(r) = FHHV(E) ~ M+ 1) =0
This, together with (2.9), implies (2.8). O
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Consider now the special case [a,b] = [~1,1]. Let f € C""'[-1,1]. By the above
theorem, we have

@)~ (NI < oy (/@) bl veel-LL, 210)

where L, : C[—1,1] — P, is the Lagrange interpolator associated with a given set of n + 1
distinct points zo, ..., z, in [—1,1] and w(z) = [[;_,(z — =)

In order to minimize the error f — L, f for all f € C""'[—1,1] with respect to the
C[—1, 1]-norm, we choose zg,...,z, € [—1,1] to minimize the C[—1, 1]-norm of w. Since
w € ﬁn, it follows from Theorem 1.10 on properties of Chebyshev polynomials that the
optimal choice of w is the rescaled Chebyshev polynomial:

w(z) = Thyi(x) =271 () Vo e [-1,1]. (2.11)

In particular, the unique set of optimal interpolation points are the roots of Chebyshev
polynomials T, 1:

2k +1
xk:cosu, k=20,...,n.
2(n+1)
Moreover, B
[wller-1,0) = [[Thataller-10 = 127" T o1, = 27" (2.12)

Therefore, with such a choice of interpolation points, we have the error estimate

1
- < - (n+1) n+11_ ) .
IF = Luflleraa € el F01 ¥ 0L (2.13)

If we set f = Tn+1, then the unique Lagrange interpolation polynomial in P, of f at all the
roots of 7,41 is the zero polynomial. By (2.12), the equality in (2.13) holds true. Hence,
the error estimate (2.13) is optimal.

Now consider the interpolation error in the Lf,(a, b)-norm for some weight function p on
la,b]. Let f € C"a,b]. By (2.10), we have

1
(n+1)!

If = Lofllzz@e < 1" lletanlwl 22 ) (2.14)

where again L, : Cla,b] — P, is the Lagrange interpolator associated with a given set
of n + 1 distinct points o, ..., 2, € [a,b] and w(z) = [[,_,(x — z). By Theorem 1.26,
the unique set of optimal interpolation points o, ..., z, are the n + 1 distinct roots of the
(n + 1)st orthogonal polynomial Q,.; € P, in Lﬁ(a,b) ie., w = Quy1. Thus, it follows
from (2.14) that

If = Lofllr2(ap) < AL ol Qurillzz@y — Vf € C"a,b].

(n+1)
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Taking f = @41, we have L, f = 0. Hence, this estimate is optimal.

In the special case [a,b] = [—1,1] and p(x) = 1/v/1 — 22, we see from Theorem 1.10
that the unique set of optimal interpolation points in [—1,1] are the zeros of Chebyshev
polynomial 7,4, and that w = 27"T,, ;. By (1.27), we have

_ VA

lwllz-1.0) = 12" Tl a-11) = Jnrife”

Therefore, we have the optimal estimate

VT (n+1) nt1
I = Lofllzcsn < gy ey ¥F € ML)
In the special case [a,b] = [—1,1] and p(z) = 1, the unique set of optimal interpolation

points in [—1, 1] are the zeros of Legendre polynomial P, and that w = [2"(n!)?/(2n)!] Pyy1.

By (1.51), we have
ol 27(nl)? 2
Wllr2(— = .
PED= "o Von+ 1

Therefore, we have the optimal estimate

2"n]! 2
(m+1)2n)!'V 2n+1

IA

1f = Lofllez-1) 1f" oy Vf e O =1,1].

2.2 Newton’s Formula and Divided Differences

Suppose p, € Py is the Lagrange interpolation polynomial that interpolates fy, ..., fr at
Zg,...,2r. Consider adding one more interpolation point xx,; € R that is different from
all xg,...,xE, and adding one more value fr,1 € R. Let ppi1 € Pri1 be the Lagrange
interpolation polynomial py,1 € Pri 1 that interpolates fy,..., fx, and fry1 at xo,..., s,
and xpyq. Since pg(x;) = prr1(z;) = fi for i = 0,...,k, we see that the polynomial
Pri1 — Pr € Pry1 vanishes at g, ..., z,. Hence, it must have the form

Pr1(7) — pr(r) = i1 (v — 0) - (T — 741

for some djy1 € R. The condition that pgii(xks1) = fry1 determines uniquely that

Jir1 — Pr(Trs1) (2.15)

diy1 = -
* (l“k+1 - Io) cee ($k+1 - !L"k:)

Therefore, starting from the constant polynomial po(z) = dy € R that interpolates fy at z,
we have

p[)(x) - d07
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p1(z) = po(w) + di(z — 20),
p2(7) = p1(x) + do(v — 20) (7 — 71),
Pe(x) = pe—1(x) + di(z — 20) - - - (7 — 2p—1),
where dy, . ..,d € R are constants. Finally,
pr(x) =do +dy(x —x0) + - + di(x — x0) -+ - (. — Tp_1).

Definition 2.7 (Divided differences). The divided differences of a given set of numbers
fo, .oy fn at n+ 1 distinct points xq,...,x, € R are

flzo] = fo,
lios ] = flz, -z —f[xo,...,xk_1]7 T
T — X

If fi = f(x;) (i = 0,...,n) for some function f that is defined on a set of real numbers

containing all o, ..., x,, then flxol,..., flzo,...,x,] are called the divided differences of
the function f at these points xg, ..., T,.
Theorem 2.8 (Newton’s formula of Lagrange interpolation). Let xy,...,z, € R be

n + 1 distinct points and fo, ..., fn, € R. Then, for each integer k with 0 < k < n,

pr(x) = flxo] + flxo, x1](z — x0) + -+ + flzo, ..., x)(x — x0) -+ - (x — Tp—1) (2.16)
1s the Lagrange interpolation polynomial that interpolates fo, ..., fr at xq, ..., xg.

The formula (2.16) is called the Newton’s formula of the Lagrange interpolation.

Example. Use Newton’s formula to find the Lagrange interpolation polynomial py € P,
that interpolates fo = —1,f1 =3, fa=2at 2o =0,271 = 1,25 = 2.
We first calculate all the needed divided differences.

f[x()] = fO = —1,
f[ml] - fl - 37
f[xQ] - f2 = 27
e
o) = LSl 222
_ fley @] — fleo,xn]  —1-4 5
flzr, w1, 1] = Ty — 20 920 92
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By Newton’s formula (2.16), we have
pa(z) = flzo] + flro, z1](x — z0) + flzo, 21, 22)(x — 20) (2 — 27)

=—144(x—-0)+ (—g) (x —=0)(x—1)
5) 13

2
= —— —x — 1.
296 + 2x

This is the same polynomial as obtained in the example in Section 2.1.

To prove Theorem 2.8, we first prove the following useful lemma:

Lemma 2.9. Suppose px, qr € P are the Lagrange interpolation polynomials that interpolate

fosoo s fr at xo, ...,z and f1,..., fro1 at xq, ..., Tk, TESpectively. Then,
T —To)qp\T) — (T — Tpy1 )Pr(T
Tp41 — Xo
1s the Lagrange interpolation polynomial that interpolates fo, ..., fr, and fri1 at zg, ..., xk,

and Tpyq.

Proof. Since py(x;) = q(x;) for i = 1,...,k, we have by a direct calculation by (2.17)
that rp41(x;) = f; for i = 1,... k. Also by (2.17) we have ry1(zo) = pr(zo) = fo and
Tki1(Trs1) = qu(Trs1) = fer1. Therefore, riy1 € Pryq is the Lagrange interpolation poly-
nomial that interpolates fo, ..., fri1 at xo,..., Tpi1. |

Proof of Theorem 2.8. We prove this theorem by the induction on k, the number of inter-
polation points. For k = 0, clearly po(z) = dy = fo is the Lagrange interpolation polynomial
that interpolates fy at xo. Fix an integer k with 0 < k£ <n — 1 and assume that

pi(x) = flzo] + flzo, x1](x — x0) + - - + flzo, ..., z5](x — o) ... (¥ — xj_1)

interpolates fo,..., f; at at xg,...,z; for each j = 0,...,k. We need to show that (2.16)
holds true with k replaced by k + 1.
Step 1. By the assumption of induction, the polynomial

pr(x) = flxo] + flxo, x1)(x — x0) + -+ - + flzo, .-y xp)(x — x0) ... (¥ — Tp_1) (2.18)

is the Lagrange interpolation polynomial that interpolates fo,..., fi at at xg,...,xg. Let
di+1 be given as in (2.15) and

karl(Q:) = pk(ﬁ) + dk+1($‘ — xo) e (x _ xk)
Clearly, pry1(x;) = pr(z;) = fi for i = 0,... k, and by (2.15),

pk+1($k+1) = pk(karl) =+ dk+1(1’k+1 - iUo) T (iUk+1 - l‘k) = fot1-
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Thus, prr1 € Pry1 is the Lagrange interpolation polynomial that interpolates fy, ..., f&,
and fry1 at xg, ..., T, and T .
Step 2. By the assumption of induction, the polynomial

qr(z) = flz] + flor, xo)(x — 1) + -+ flre, . xp (e — 1) . (2 — )

is the Lagrange interpolation polynomial that interpolates f1,..., fri1 at x1,..., 211. There-
fore, it follows from Lemma 2.9 that the polynomial ry; € Pryq defined in (2.17), where
pi is given in (2.18), is the Lagrange interpolation polynomial that interpolates fo, ..., fx,
and fri1 at xg,..., 7z, and xp,,. Hence, by the uniqueness of Lagrange interpolation,
Tk+1 = Pk+41-

Step 3. Comparing the leading coefficients of pyi1 and ryy 1, we obtain

doss — [l wpn] = flwo, - - @]
k1 = :
Tr+1 — To
Therefore, (2.16) holds true with k replaced by k + 1. O

Theorem 2.10. Let p, € P,, be the Lagrange interpolation polynomial of a given function
f:la,b] = R at xg,..., 2z, € [a,b]. Then for any x € [a,b] with x # z; (i =0,...,n)

f(@) = pu(x) = flzo, . xn, 2] (x = 30) -+ (€ — ).

Proof. Let p,i1 € P,i1 be the Lagrange interpolation polynomial of f at the n + 2 points
Zo, ..., Ty, x. Then by Newton’s formula

Prnr1(t) = pu(t) + flxo, .. s xn, x| (t — 20) ... (t — 2)
Setting ¢t = =, we obtain
f(@) = pna(x) = pul@) + flzo, . 2, 2l(@ — x0) - -+ (. — ),
completing the proof. O
Proposition 2.11 (Properties of divided differences). Let x,...,z, be n+1 distinct

points in [a,b].
(1) Linearity. For any functions f,q : {zo,...,x,} — R and any o, 5 € R,

(af + Bg)|xo, ..., xn] = af|xo, ..., z.] + Bglzo, ..., 2]

(2) Symmetry. For any function f :{xq,...,x,} — R and any permutation (iqy...i,) of
(0...n),

flzos -y xn] = flrig, - w4, (2.19)
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(3) For any function f :{xo,...,x,} — R,

n

flwo, -z =) r Ji : (2.20)

— i~ x0) (g — 2 ) (g — Tigq) - (1 — )

(4) If f € C™[a,b], then there exists € € [a,b] such that

_

n!

flzo, - -\ xn] : (2.21)

(5) If f(x) = x™ for some integer m > 0, then

0 ifm<n,

flzo, - xn] = L ifm=n,

n
linear combinations of xf ---xk» with S ki=m —n  if m > n.
i=0

Proof. (1) This follows from the definition of divided differences and an argument by induc-
tion.

(2) By the uniqueness of the Lagrange interpolation, the Lagrange interpolation polyno-
mial that interpolates f at z;,,...,x;, is the same as that interpolates f at xq,...,z,. By
Newton’s formula (2.16), the leading coefficients in these two polynomials are exactly the
right-hand side and left-hand side of (2.19), respectively. Thus, they must be the same.

(3) The left-hand side and right-hand side of (2.20) are the leading coefficients in New-
ton’s formula (2.16) and Lagrange’s formuma (2.5), respectively, of the unique Lagrange
interpolation polynomial that interpolates f at xg, ..., x,.

(4) This is obviously true for n = 0. Assume n > 1. Let p,—1 € P,_; and p, € P,
be the Lagrange interpolation polynomials that interpolate fo,..., f,_1 at zo,...,x,_1 and
fo, -+, fn at xg, ..., x,, respectively. It follows from Newton’s formula (2.16) that

pn(x) = pn—l(x) + f[xm s 71:71]('1; - l‘o) T (I - xn—1)~
Hence, replacing x by z,,, we obtain
f(xn) = pn(xn) - pn—l(l‘n> + f[l‘(), s 7mn](xn - 1’0) e (xn - xn—l)-

On the other hand, by Theorem 2.6 on the remainder of Lagrange interpolation, we have

(n)
f(xn) - prﬁl('rn) = f n'<§) (mn - 330) Tt (mn - xn—l)

for some £ € [a, b]. The above two equations imply (2.21).
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(5) By (2.21), we need only to consider the case that m > n. We use the argument
by induction. For n = 0, the statement is clearly true. Assume that for any n > 0 the
statement is true, i.e.,

flzo, .- xn] = Z kg, TR0 (2.22)
ko+:-+kn=m—-n

where oy, 1, are constants independent of zy, ..., z,. Assume m > n+1. We have by the
definition of divided differences, the symmetry property (2.19), and the assumption (2.22)
that

flzo, - - Tns1]
flza, - xnaa] — flxo, o o)
Tn4+1 — Lo
flenst, x1, - xn) — flro, z1, ., 2]
Tn4+1 — Zo
ko ki k ko ,.k1 k
_ Zko+~~+kn:m_n Qg hon Ty 11~ Ty — Zko+~~~+kn:m—n k.. k, Ty L1 " Ty
Tp4+1 — Lo
ko ko

. 1 kn | Tnt1 — Lo
- Oy kn L1~ Ty T T

ko+--+kn=m—n ntl 0

ko>1
ko—1

_ k1 k ko—1—kn+1 _kn+1
— E Q. kp L1 = T E T "t

ko+-+kn=m—n kny11=0

ko>1

R k6 kl k kn+1
= § : Okt kng 1+ Lk, kn To L1 77 Ty Ty s

k{+ki+-+Eknpr1=m—(n+1)
where in the last step k{ = ko—1—Fk,+1. This proves that the statement is true for n+1. [
For each n > 1, we denote by 7, the unit simplex in R™:

Tnz{@17---,%)GR":tizo(lgign) and Ztigl}.

=1

Theorem 2.12 (The Hermite-Gennochi formula). Letn > 1 be an integer and xy, . .., x, €

0,1] be distinct. We have for any f € C"[0,1] that
flxo, ..., xa] = / £ (wo + )ty - x0)> dt. (2.23)
Tn j=1
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Proof. We use the argument of induction. The statement is true for n = 1, since

f(x1) = f(o)

1 — Zo

/ f $0+t1(l’1—$0))dt = :f[ﬂfo,.iﬂl].

Suppose (2.23) holds true for n > 1. Consider the case of n + 1. We have

n+1
Flot1) <x0 + th(xj — $0)) dti - dpis
Tn+1 j=1

1=377 ntl
/ n+1 To + Zt - l’o dbpir | dty---diy,
0
1 TL
=7/ I (xn+1+zt a:nH)dtl---dtn

Tpt+1 — To
Tp+1 — To / Z
_ flrns1, 1,y xn) — flxo, ... ,ajn]
Tpt+1 — Lo
_ flea, - ] — flxo, .o o)
Tn+1 — To .
Thus, the statement is true for n + 1. This completes the proof. |

2.3 Peano Kernal and the Remainder Theorem

Let zg,...,x, be n + 1 distinct points in [a,b]. Let L, : C[a,b] — P, be the Lagrange
interpolator associated with xg,...,z,. We study the error of the Lagrange interpolation
f— L,f for f € Cla,b] that is not necessary smooth enough, e.g., f &€ C"a, b].

To this end, let us introduce for any integer & > 1 the function space W*!(a,b) that
consists of all functions f € C*'[a,b] such that f*~1 are absolutely continuous on [a, b].
If f € Whl(a,b), then f*) exists as an integrable function on [a,b]. Clearly, C*[a,b] C
Whl(a,b).

Let f € W™tb1(a, b) with 0 < m < n. By the Taylor expansion,

AR

m!

f(z) = f(a) + f'(a)(x —a) + -
= Qm(z) + Rp(2),

(x—a)" + % /:(a: — )™ D (1) dt

where

Qm(z) = f(a) + fia)(x —a) +-- +
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is a polynomial in P,, and

_ - ‘ _ p\m g(m+1)
Rle) = / (z — £ £ (1) gt
is the remainder. Since @Q,, € P,, C P,,, L,Q,, = Q.. Therefore,

Let ly,...,l, € P, be the Lagrange basis polynomials associated with xzq, ..., x,. By (2.24)
and the Lagrange formula (2.5), we have

f(@) = (Laf)(2) = Rn(x) — (Lo Rm)(x)
/ x(a: — )™ D () dt — {% / h (z, —t)™ f(m“)(t)dt} le ()

- %{/ﬂb(x—t)f (m+) () dt — (/ab(:ck —t)Tf(m“)(t)dt)lk(ﬂ?)}

k=0
b 1 n
= [ =0 = - om | s (2.25)
a k=0
where
c ife>0,
C+ :
0 ife<0.
We define

mmwz—k—m—Zm—wmﬂzimwﬁmm, (2.26)

m)!
k=0

where E,(9) = g — L,g is the error of the Lagrange interpolation for g € Cla,b]. We
shall call K, : R x R — R the mth Peano kernel associated with the interpolation points
Toy-e-y Ty

e have in fact proved the following:

Theorem 2.13 (The Peano Remainder Theorem for the Lagrange interpolation).
Let m be an integer with 0 < m < n. Then for any f € W™ b1(a,b)

b
f(x) = (Lnf)(z) = / Koz, ) f™ D ()dt Yz € [a, b]. (2.27)

To estimate the interpolation error using the Peano kernel representation (2.27), we
introduce the function space W"»*(a,b) that consists of all the functions f € C*~1[a,b]
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such that f*~1 are Lipschitz continuous on [a,b]. If f € W (a,b), then f*) exists as an
integrable and bounded function on [a, b]. It can be proved that for any integer k£ > 1

C*la,b] € WF(a,b) C W*(a,b) C Cla, b).
We denote for a measurable and bounded function g : [a,b] — R

lgllz@p = sup |g(@)]

ax

Theorem 2.14 (Error estimates for the Lagrange interpolation error). Let m be
an integer with 0 < m < n. Then for any f € W™1°°(q,b),

F(@) ~ (Lof)(@)] < { / \Km<x,t>rdt] |y Ve €ladl (228)

Moreover, for any x € [a,b], there exists fo € W™ 1 (a,b) such that

fol@) = (Lofo)(a [ / Ko xt|dt} | (2:29)

Proof. Let f € W™T1>(aq b). By (2.25) and (2.26), we have

L (apb)

b b
1)~ (L@ < [ Vonte 0l 1000 de < | [l let] 17 e

implying (2.28). Fix x € [a,b]. Define g,,(t) = sign K,,(z,t) and

9= [ fntr as

m+1 tlmes
m+1 tlmes

Then, fo € W™h>(q,b) and ||f, (m+1]\Lw(a7b) = ||gmllz@p = 1. By (2.25) and (2.26), we
obtain

fol@) — (Lufo)(a |_/K (2, £) £+ dt‘

_ / Ko, 6)] dt = [ / |Km<x,t>rdt} ol

leading to (2.29). O
Theorem 2.15. (1) We have

ey

/K (@)t = )H(x—xk) v € [a, ] (2.30)

k=0
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(2) If a = ming<p<p x and b = maxo<g<n Tk, then
b 1 n
/a (it = L[O w—z|  Vrelabl (2.31)
Proof. (1) Let Q,11(t) = t"*1/(n +1)!. By Theorem 2.6, we have for any = € [a, ] that

Quir(#) = (LnQuin) () = ﬁ T - =),

On the other hand, we have by Theorem 2.13 that
Qn—l—l(x) ( nQn-H / K :E t rﬁ:ll dt / K x t

Thus, (2.30) holds true.
(2) Let x € [a,b]. By the lemma below, K,(z,-) does not change its sign in (a, b). Thus,

b b
/Kn(x,t)dt’:/ K ()]t

This and (2.30) imply (2.31). O

Lemma 2.16. Assume a = ming<g<, T and b = maxo<p<n . Assume 0 < m < n and
€ la,b]. Then, K,,(x,-) changes its sign in (a,b) exactly n — m times. In particular,
K, (x,-) does not change its sign in (a,b).

Proof. The statement is trivially true for the case n = 0, since Ky(z,-) = 0 by (2.26).
Assume n > 1. We divide our proof into three steps.

Step 1. If 0 < m < n — 1, then the function K,,(z,-) € Cla,b] changes its sign in (a,b)
at least once. This follows from an application of (2.27) to f = Qi1 € Py € P, with
Qmi1(t) =t™/(m + 1)! for which L,,Qui1 = Qi1

b
0= Q@) = (LaQuet)(0) = [ Kol Q1) i = / Koz, t)d

Step 2. Let 0 < m < n—1. If K,,(z,-) changes sign in (a,b) exactly k times, then
K1 (2, -) changes its sign in (a,b) at most & — 1 times. This follows from the fact that
(d/dt) mﬂ(x t) = —Kpn(z,t) and K,,11(2,a) = Kpyi(z,b) = 0, and an application of
Rolle’s Theorem.

Step 3. For 0 < m < n, K,,(z,-) changes its sign in (a,b) exactly n — m times. In
particular, K, (z,-) does not change its sign in (a,b).

The function Ky(z,-) is a piecewise constant. It has jumps at xg,...,%,,z. By the
assumption of the lemma, two of these points are a and b. Therefore, K(z,+) can change
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its sign in (a,b) at most n times. By Step 2 and an argument of induction, K,,(z,-) can
change its sign in (a,b) at most n — m times. If for some m with 0 < m <n —1, K,,(z, ")
changes its sign in (a,b) less than n — m times, then by Step 2 and induction, K, _1(z,")
changes its sign in (a, b) less than n— (n—1) = 1 times. By step 1, this is impossible. Thus,
for each m with 0 < m <n —1, K,,(z,-) changes its sign in (a,b) exactly n —m times. By
Step 2, K, (x,-) does not change its sign in (a, b). O

2.4 Hermite Interpolation and Divided Differences with
Repeated Points

Theorem 2.17. Let x4,...,x, ben distinct points in [a,b]. Let y,...,y, and yy,. ..,y be
2n real numbers. Then there exists a unique p € Po,_1 such that

plak) =yr, pP'(xr) =y, k=1,...,n. (2.32)

Moreover, p is given by

Zyk [1— 20 (zp)(z — 2p)) [l ()] + Zyk x — ) [l (2)]%, (2.33)

k=1

where ly € P,y (k= 1,...,n) are the Lagrange basis polynomials associated with x4, . .., x,.
Proof. Define for each integer k with 1 < k <n
n(x) = [1 = 20 (ze) (@ — @) ][l (2)]?, (2.34)
V() = (z — ) [lk(2)]. (2.35)
Clearly, all ¢, 1. are polynomials of degree 2n — 1. Moreover,
(@) = =20 () [l ()] + [1 = 203 () (@ — @) |20 () (),
V(@) = [lk(@)]* + 2(2 — 2i) ()l (@)
Therefore,
Oe(;) =0y, Pi(xy) =0, Yu(zy) =0, Yplay) =0k,  Jk=1...,n.  (2.36)
By the definition of ¢ and v, (cf. (2.34) and (2.35)), the polynomial p defined in (2.33)

is
P=) ukbk+ Y Uht.
P k=1

Clearly, p € Pg,_1. Moreover, (2.32) and (2.36) imply (2.32).

To prove the uniqueness, we assume g € Po,,_; also satisfies that ¢(zx) = y, and ¢'(zx) =
yp for k=1,...,n. Then r :=p—q € Py, and r(xy) = r'(zx) =0 for all k = 1,... n.
Therefore, r has 2n roots, counting the multiplicity of each root. Hence r =0 and ¢ =p. 0O
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We call p the Hermite interpolation polynomial, or Hermaite interpolant, of yi, vy, at
Ty, My = f(zg) and vy, = f'(zx) (k = 1,...,n) for some f € C'[a,b], then p is
called the Hermite interpolation polynomial (or Hermite interpolant) of f at xy,..., z,.

Example. Consider n = 2, 1 = a, and x5 = b. We have

x—b
Li(z) = p— and lo(z) = T

Therefore,
2

() = l1+ e } (‘Z: !

)
=[50 (=)

_(r—a)(r— b)?
Y1 (z) = b—a)? )
(@~ (e —)

a(x) = (b—a)?
The Hermite interpolation polynomial ps € P that interpolates y1,y, and yj,y5 at 1 =

a,ro =0>b1s
p3(x) = 11 () + yaga(w) + yi91(x) + yytba(w)

[ ) () e - ()

b—a
(w—a)(z=b)?* (r—a)(x-b)
T T e

Theorem 2.18 (The remainder of Hermite interpolation). Let f € C**[a,b]. Let
Hy,_1f € Po,_1 be the Hermite interpolation polynomial of f at x+1,...,x,. Then for any
x € [a,b] there exists £ = £(x) € [a,b] such that

fEV(E()

f(@) = (Hon-1f)(2) = 2n)] o @ w) (2.37)

Az — )2
Proof. Let x € [a,b]. If x = x), for some i then £(z) € [a,b] can be any number. So, let us
assume = # x (k=1,...,n). Let

g(t) = f(t) = (Haa /)(t) = At —21)" .. (t — 70)",

where A € R is so chosen that g(z) =0, i.e.,
f(x) = (Han-1 ) (2)

(x —x1)? - (z — )

A= .
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Notice that ¢ = 0 at n + 1 distinct points z,x1,...,x,. Thus it follows from Rolle’s
Theorem theat there exist &;,...,§, € [a,b] with & # x and & # z (k = 1,...,n) for
each j (1 < j < n). Notice also that ¢ = 0 at z1,...,x,. Therefore, ¢ = 0 at 2n points
T, 1, ..., Tn, €1, ..., En. Applying Rolle’s Theorem repeatedly, we conclude that ¢*® = 0
at some point £ = {(z) € [a, b]. This, together with the fact that

g#V(t) = fEV(t) — M2n)!
and the definition of A, leads to (2.37). O

2.5 Convergence of Interpolation Polynomials

Let n > 0 be an integer, x(()n), ..., 2" be n+1 distinct points in [a,b], and L, : Cla,b] — P,
the associated Lagrange interpolator. Does {L,, f ()}, converge to f(x) for any f € C|a, b]
and any x € [a, b]? It turns out there are many negatives results.

Runge’s example. Consider [a,b] = [-5,5] and :c;") evenly spaced in [—5, 5], i.e., :U,(C") =
—5+10k/n (k =0,...,n;n = 1,...). For f(x) = 1/(1 + 2?), Runge(year?) proved that
there exists k ~ 3.63338 such that

lim (L, f)(x) = f(x) if and ony if lz| < k.

n—oo

See more details in [5] (Section 3.4 of Chapter 6).

Bernstein (1977). For [a,b] = [—1,1], evenly spaced interpolation points x;") € [-1,1]
(k=0,...,n;n=1,...), and the function f(z) = |z|, Berstein (1977) proved that
lim L,f(z) = f(x) ifandonyif x€{0,1,—1}.

n—oo

Faber (1914). In 1914, Faber proved the following: For any given sequence of interpo-
lation points x,(:) € la,b] (k =0,...,n;n = 0,...), there exists f € Cf[a,b] such that
HLnf - f”C[a,b] 7L> 0.

Bernstein (1931). In 1931, Berstein proved the following result: For any given sequence
of interpolation points x,in) € la,b] (k=0,...,n;n =0,...), there exist f € Cla,b] and
x € |a,b] such that (L, f)(z) /A f(x).

Erdos and Vértesi (1980). In 1980, Erdos and Vértesi proved the following striking neg-

ative result: For any given sequence of interpolation points x;,") € la,b] (k=0,...,n;n =

0,...), there exist f € C|a, b] such that (L, f)(z) /4 f(x) for almost all z € [a, b].
There are also some positive results.
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Theorem 2.19. For any sequence of Lagrange interpolators Ly, : Cla,b] — P, (n =0,...),
| Lo f = fllclas — 0 for any f € Cla,b] that is the restriction onto [a,b] of an entire function.

Proof. Let O

Theorem 2.20. For any f € Cla,b], there exist n + 1 distinct points xé”), o ,x%") € la, b
for each n > 0 such that

nh_)HC}O“f - LanC[a,b] =0,

where L, : Cla,b] — P, is the Lagrange interpolator associated with xén), . ,x%n) (n =
0,...).
Proof. Fix f € Cla,b]. If f € P, then we can choose xén), - ,:137(1”) € la,b] to be any n 4 1

distinct points for each n > 0. Clearly, L, f = f for n sufficiently large.
Assume f € P. Let n > 0 be an integer. Let p,, € P,, be the best uniform approximation
of f in P,. Then it follows from the Chebyshev Alternation Theorem that there exist n+ 1

distinct points zé")(k =0,...,n) such that

f(x,(cn))—pn(x,(cn)zo, k=0,...,n.
Therefore, p, = L, f is the Lagrange interpolation polynomial of f at x(()n), 2™ Conse-
quently, we have by Proposition 1.4 that

Hf - Lnf”C[a,b] = Hf _anC[a,b} = ;Ielflpn Hf - QHC[a,b} — 0 as n — oo,

proving the theorem. |

Theorem 2.21. Let L, ;1 : C[—1,1] — P, be the Lagrange interpolator associated with
the n roots of the Chebyshev polynomial T, (n =1,...). Then for any f € C*[—1,1]

1
“Lnf - f”C[fl,l] =0 (%) as n — oQ.

Proof. See the textbook p. 236. [

Theorem 2.22. (B.H. KpbiroB, 1956) [a,—b] = [-1,1].
xz(n) . zeros of Chebyshev polynomials.

1. f € Cla,b] is absolute continuous on |a, b].
= [[Lnf = fl = 0.

2. [ has a total variation on [—1,1].
= (Lnf)(z) — f(z) at any continuity x € [a,b].
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Theorem 2.23 (Erdés-Turan (1937)). Let =\, ..., 2{" be the n distinct roots of or-
thogonal polynomials Q,, (n=1,...) in L2(a,b). For each n>1,let L,_q:Cla,b] — P,

be the Lagrange interpolator associated with xﬁ"), . {En . Then
b
lim [ p(2)[f(x) = (Lp_1f)(2)]*dz =0 Vf e Cla,bl. (2.38)

a

To prove this theorem, we need the following lemma.

Lemma 2.24. Let :c§"), e ,:vq(@n) be the n distinct roots of orthogonal polynomials @, (n =
1,...) in Li(a, b). For each n>1, let l§n), . ,lﬁln) be the Lagrange basis polynomials asso-

ciated with =\, ..., 2. Then
b
/ p() (@) (x)de =0 if1<jk<n, andj#k, (2.39)

Z / z"> 93 S = / bp(m) dz. (2.40)

Proof. Without loss of generality, we assume that n > 2. Fix 7,k with 1 < 5,k < n and
j # k. The polynomial (a: — xl(cn)> l,(gn) (z) in P, has n simple roots xY‘), e ,:1:1(1”). Thus,

there exists a constant '™ such that (x " > I (2) = Q,(x) for all z. The polynomial

l](-") (x)/ (x — I,@) has degree n — 2. Therefore, we have by the orthogonality that

T — Ty
b 1 ()

= oz](:) / p(x) [ ¢ o) Qn(x)dz
a €T — Ty

proving (2.39).
By (2.6) with p,(z) = 1, we have Y ,_, l,i") () = 1 identically. Thus, it follows from
(2.39) that

n

/ab p(z)dr = /ab p() [Z e (x)] 2 dx

k=1

= Z/a )(:v)da:

7,k=1
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This is (2.40). O

Proof of Theorem 2.23. Let n > 2 and let p,_1 € P,,_1 be the best uniform approximation
of fin P,_;. We have

[ #alre) = Las @
< 2/ p(@)[f(x) —pnl(x)]qu;+2/ (@) [Pri () — Lo f(z)]2dx. (2.41)

By Proposition 1.4,

b

b
| @U@ = pos(@)Pde <1 = puiliy [ pa)de =0 asn—oo. (@242

It follows from Proposition 2.5, Lemma 2.24, and Proposition 1.4 that

| @1 @) = pos (@)

/ (&) {[Lor (f = po)) ()} da

= [ 3 () = ()] [ () = s () 7 0 10

<|f = pu- 1”0@]2/ l(n dx

~ 1 el [ o)

— 0 as n — 0o.
This, together with (2.41) and (2.42), implies (2.38). O
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For any integer n > 1 and any n distinct points z1,...,x, € [a,b], we define the Fajér-
Hermite operator F, : Cla,b] — Po,_1 by

Fof =) flan)o(z)  Vf € Clab,

k=1
where ¢y, is defined in (2.34).

Theorem 2.25. Let F,, : C|—1,1] — Po,_1 be the Fajér-Hermite operator associated with
the zeros of Chebyshev polynomial T,,. Then

lim [|f — Fuf =0 VfeC[-1,1]

Proof. By Bohman-Korovkin Theorem, we need only to show ... |

2.6 Splines

2.7 'Trigonometric Interpolation and Fast Fourier Trans-
forms

Exercises

1. Find the polynomial p € P3 of the form p(x) = ¢y + c1x + 2 that interpolates a given
function f € C[0,3] at x = 0,2, 3.

2. Let xg =2, 21 =3, 29 =5, z3=6and yo =5, y1 =2, yo =3, y3 = 4. Let p € P3 be
the unique polynomial that interpolates y; at z; (j =0, 1,2,3). Calculate p by using:
(a) Lagrange’s formula; and (b) Newton’s formula.

3. Let f(x) = 2* — 2* + 17z + 1. Let p € Py interpolates f at z; =27 (j =0,...,20).
Compute p(0).

4. Find an approximation of v/3 with the values of the function f(x) = 3% at zy = 0,2, =
1, and x5 = 2 using

(a) Aitken’s iterative linear interpolation method;
(b) Neville’s iterative linear interpolation method.

5. Let zo,...,z, be n+ 1 distinct real numbers. Let [;(z) be the associated Lagrange

basis polynomials. Show that

n

d (w—az)'lix)=0  Vk=1,..,n

J=0
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6.

10.

Let xg,...,z, be n + 1 distinct real numbers. Let [;(x) be the associated Lagrange
basis polynomials. Show for any 7 with 1 < j < n that

S @) = [k~ YV Ve e ()

Recall for n > 1 that the Chebyshev polynomial T;,(z) has n distinct roots z; = cos 6;
with 6; = (2 — )n/2n (j = 1,...,n). Denote by L,_; : C[—1,1] — P, the
associated Lagrange interpolation operator. Show that

(Lpr f) (@ fo] — 1) sin 0,7 (x) Vf e O[-1,1].

x —-xj

Let Q, € P, (n =0,1,...) be orthonormal polynomials in L2[a,b]. Fix n > 2. Let
Z1,...,Z, be the n distinct roots of @, (z) in (a,b), and ly,..., [, be the associated
Lagrange basis polynomials.

(a) Prove that [y, ...,1l, are orthogonal in L?[a, b].

(b) Prove the identity
S [ o an = [ pta)as

. Let zg, ..., x, be n+1 distinct points in [a, b] and L,, : C[a,b] — P, the corresponding

Lagrange interpolation operator. Show that
[ Lnfllcay < Aallfllowy  Vf € Cla, b,
where

= max E |1 (x
a<z<b

and lo, ...,l, are the Lagrange basis polynomials associated with o, ...,z,. Show
also that there exists f € C[a, b] depending on n such that

HLnf“Chb]::AanHChb}

Let {xj};";o be a sequence of equidistant points x; = x¢ + jh with h > 0. Define for
each 7 >0

Af(zy) = fla;)  and  AMf(a;) = A f(zg0) — A (), k=1,
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(a) Let f € C™[xo,z,). Prove that

B 1
~ nlhn

flzo, .-\ xn] A" f(z0)

and that
A" f(zg) = R" 7 (€)

for some & € [xg, z,,].
(b) Let f € C""ag,x,]. Let p, € P, be the unique Lagrange polynomial that

interpolates f at xg,...,x,. Let ¢t be a real number. Show that
T (t) — _(n\ f(z;)
_ Im\y) _qyna (M) LA
oo 1) =Y ()
7=0
and that
mo(t m(t Tn—1(t)
patan + 1) = f(ao) + A ) + D a2 4 T (),
where

mo(t) = t, and mit)=tt—-1)---(t—j), j=1---,n

Show also that

h h h +1jin+n(n)
th) — p, th) = m,(t)h" ——=
f(@o +th) = pn(zo + th) = mu()W" =5,
for some 7 in an interval containing all z, ..., z, and zy + th.

11. Let N > 1 be an integer, h = (b — a)/N, and z; = a + jh, j = 0,...,N. For any
f € Cla,b], let I,f € Cla,b] be such that I;,f € Py on each [x;_q,2;] (j =1,...,N)
and I, f(z;) = f(z;) (j =0,...,N).

(a) Suppose f € C?[a,b]. Show that

max |/(x) — (/) (@)] < S Moh?

a<z<b

where My = max,<,<p |f" ()]
(b) Suppose f € C3[a,b]. Show that

My, M
max sup |f'(2) = (Inf) (@) < Fh+ 7

1<GSN gez<b

h2
where M, = max,<,<p | f* ()| for k = 2 or 3, and that
/ ) / . 352
121]%}5\[ |f (m]> (Inf) (mJ)| < 24 h,

where m; = (x;_1 +x;)/2 is the midpoint of the interval [z,_1,z;], j =1,...
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12. For each integer n > 0, let xé"), ..,2™ be n + 1 distinct points in [a,b]. Let L, :
Cla,b] — P, be the associated Lagrange interpolation operator. Let f € C*[a,b]
satisfy for some constant M > 0 that

1 e <M VE> 1.

Show that
1f = Lafllclan — 0 as n — oo.

13. Let f € Cla,b]. Show that, for each integer n > 1, there exist n distinct points

x&”), ..., 2™ such that
\f = Lo-1fllclapy) — 0  asn — oo,
where L,_; f € P,_; is the Lagrange interpolation polynomial of f at x§”), .,

14. Let n > 1 be an integer. Define

) =[Jt-j) and L(t)=——= J=0,...n

Show that
I7(t)] < n! vt € [0, n],
that
ol (1) veead =0
and that

POIGIEED

j=0
15. Let f € Cla,b]. Let n > 1 be a fixed integer. For each integer N > 1, let Hy =
(b—a)/N and xg-N) =a+jHy,j=0,...,N. Let p{¥) € Cla, b] satisfy for each j with
1 < j < N that the restriction of p%N) on the subinterval [ngf}, :Ug»N)} is the Lagrange
interpolation polynomial in P, that interpolates f at the n + 1 points :cgf_V{ +kHy/n,
k=0,...,n.
(a) Show that
I1f = 2 |l < 2wy (Hy),

where wy is the modulus of continuity of f, and that

If —P;N)HC[a,b] — 0 as N — oo.
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(b) If f € C™[a, b], show that

“f(n+1)“ . Ho\ ™!
1 = o < e (1)

16. Let f(z) =sinxz, [a,b] = [0,1], and n = 1. Find an integer N > 1, as small as possible,
such that
1 = 2™ cpan < 1.25 x 1077,

where piV) € C [0, 1] is the piecewise Lagrange interpolation polynomial of f defined
as in the previous problem.

17. Let x4, ...,x, be n distinct points and [y, ..., [, the associated Lagrange basis poly-
nomials. Prove the identity

n

> (@ =)L)l () = 0.

j=1

18. Let N > 1 be an integer and x; = j2r/N, j =0,..., N — 1. Show for any integers k
and [ that

-« ika; ,—ilz; _ N if k=1l(modN),
A 0 if k%1 (modN).

J

19. Let n > 0 be an integer,

s gqm

=— d ;= — =1,...,n.

T oy ™ AT s L A
Let g € C[0,7]. Prove that there exists a unique T,, € span {1, cosz,...,cosnz} such
that

Tn(xj) = g(xj) j=0,...,n.
Moreover,
T.(z) = % + Z’yk cos kzx,
k=1

where

Zg(xj) cos kz;, kE=0,...,n.
n+1 =

Ve =
20. Let N > 1 be an integer. Let
Iy = {(@k)iozfoo cap €Capny =ag, VE=0,£1,... }
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21.

22.

23.

denote the space of all bi-infinite, N-periodic complex sequences. For any a =
(ag)> . € Iy and b = (bg)32 ., € Iy, define the convolution ¢ = axb € Ily
by ¢ = (cx)72 ., with

1 N-1
Ckzﬁjzoajbk_j Vk::(),:l:l,

Prove that the discrete Fourier transform converts convolution into multiplication:
(f}dNC)]C = (?Na)k(fbe)k Vk:O,ﬂ:l,

Let n > 1 be an integer and A = {a = xg < -+ < x, = b}. Suppose that s € §3(A)
and f € H*(a,b) satisfy

s(x;) = f(z;) j=0,...,n.

Suppose also that one of the following conditions is satisfied:
(a) s'(a) = f'(a) and s'(b) = f(b);

(b) s"(a) = f"(a) and s"(b) = f"(b);

(c) fe H)(a,b)and s € H(a,b).
Show that

/ (@) — " (@) dx = / (@) — s(2)] fO(a) da.

Let A = {a = 29 < --- < x, = b} be a partition of [a,b]. Consider the boundary
condition
s®) (z0) = s¥)(z,,) = 0, k=0,1,2.
(a) Show that any cubic spline on A satisfying the given boundary condition vanishes
identically if 1 <n < 3.
(b) Show that any cubic spline on A satisfying the given boundary condition is
uniquely determined by its value at x4 if n = 4.
(c) Let n = 4 and z; = —2,—1,0,1,2. Find explicitly the cubic spline s € 83(A)
that satisfies that given boundary condition and that s(0) = 1.
Let n > 1 be an integer and A = {a = 9 < -+ < x, = b} be a partition of [a, b].
Denote by 8 the set of all cubic splines s on A that satisfy s”(zo) = §”(z,,) = 0.
(a) Show that for each j with 0 < j < n, there exists a unique S; € § that satisfies

Sj(l’k) = Ojk ]{ZZO,...,TL.
(b) Let f € Cla,b]. Show that

S(x) = Z f(x;)S;(x)

is the unique spline in 8 that interpolates f at zq,...,z,.
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(¢c) What is the dimension of 87
24. Let z; = a+jh (j = 0,...,n) with h > 0. Denote by 83(A) the set of splines
determined by these knots z; (j =0,...,n). Define S; € 83(A) (j=0,...,n) by

Si(xg) =01 J,k=0,...,n and S (o) = S} (x,) = 0.

Fix j with 0 < j < n. Show that the moments M, ..., M,_; of S; are given by

1
__ i+1 1= 17 )] 25
Mi =
1
- M, , i=j4+2,...,n—1,
Pn—i
(= 8@+ +1/pn i)
T R4 —1/pj1— 1/pp-ja)
6h=2 — M,
{ My =—— i #0,1,n—1,n,
Pi—1
6h72 — Mj
My = ——
\ Pn—j—1

where
p1=4 and pi=4—1/pi1 1=2,....
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Chapter 3

Numerical Integration

3.1 The Basics

Definition 3.1 (Numerical quadrature). Let z1,...,x, ben distinct points in [a,b] and
A, .. A, € R. We call

b n
/ fla)de = Ay f () (3.1)
@ k=1
a numerical quadrature with x1,...,r, quadrature points and Aq,..., A, coefficients.

We say that the quadrature (3.1) is exact for an integrable function f : [a,b] — R, if

/ flw)de = Apf ().

Definition 3.2 (Degree of precision). The degree of precision of a numerical quadrature
(3.1) is the smallest integer m > 0 such that the quadrature (3.1) is exact for f;(z) = a7,
j=0,..., but is not exact for fpi(x) =™,

Equivalently, the degree of precision of (3.1) is m if and only if (3.1) is exact for all
f € P, but is not exact for some f € Pp,11.

Since the quadrature (3.1) is determined by 2n parameters zy,...,x, and A, ..., A,,
we expect that the degree of precision of (3.1) can not exceed 2n — 1. This is in fact the
case.

Proposition 3.3. The degree of precision of any numerical quadrature (3.1) is < 2n — 1.

Proof. Let po,(x) = [[p_,(x — xx)® Then py, € Pa,. Moreover, fabpgn(x) dx > 0 and
> ri Agpan(zr) = 0. Thus, the degree of precision < 2n — 1. O
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If the quadrature points of the numerical quadrature (3.1) are known, then one can use
the method of determined coefficients to find the coefficients Ay, ..., A, so that the degree
of precision of the quadrature can be as high as possible.

An example of the method of undetermined coefficients. Find A; and A, such that
the numerical quadrature

/0 f(@)dz ~ A f(0) + Agf(1)

has the degree of precision as high as possible.
We choose A; and A, so that this quadrature is exact for f(z) =1 and f(x) = x:

1
/ de‘:1:A1+A2,
0

! 1
/xda:———AQ.
0 2

Solving these two equations, we obtain that A; = Ay = 1/2. The quadrature thus becomes

| s~ 51 +

To find out the degree of precision of this quadrature, we check its exactness for f(z) = 22

We have
1
1
/ 22dr = =,
0 3

Lrr1y) =t
2(0 +1)_2.

Thus, this quadrature is not exact for f(z) = x?. Consequently, the degree of precision of
this quadrature is 1.

In the rest of this section, we give a few examples of simple numerical quadrature. For
each of these examples, we determine the degree of precision, give the relaed composite

formula, and derive its error formula.

The left-endpoint rectangule rule.

/ F@)dz ~ F(a)(b— a). (3.2)

/abldle(b—a)
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’ Lo o
/G:vd:v:§(b —a’) #a(b—a)

So, the degree of precision is m = 0.

f € Cla,b] :/ flz)dz — f(a)(b—a) :/ [f(z) — f(a)]dx
FleeN(e - a)de = 1©) [ (o - apts

1

Composite left—endpoint rectangular rule
Let f € Cla,b], N > 1 and integer, and h = b_T“ Let

zj=a+jh, j=0,...,N

"y v
=hY flzj)=h)_ fla)
j=1 7=0

Error:

f € Ca,b

!Generalized Mean-Value Theorem for Integrals. Let u € Cla,b]. Let v : [a,b] — R be integrable
with v(z) > 0 for all « € [a,b] or v(z) <0 for all x € [a,b]. Then there exists £ € [a, b] such that

/abu(:c)v(x)da: — u(©) /abv(x)dx.
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Since

1
3 ! < _ ! . < !
min f(z) < 5 jzlf (&) < max f'(a),

it follows from the Intermediate-Value Theorem 2 that

The midpoint rectangular rule.

%(b —a)(b* — ba + a*) # i(a +b)2(b — a)

1 1
& g(b2 —ba + a*) # Z(a2 + 2ab + b%)
& 4b* — 4ba + 4a® # 3a® + 6ab + 3b*

2The Intermediate-Value Theorem. If f € C[a,b] and i € R satisfy m[inb] fl@)<u< In[a)i] f(x),
xr€|a, zE|a,

then there exist ¢ € [a,b] such that f(§) = p.
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Sb+a’—2ab#0=a#b

So the degree of precision is m = 1.
Let f € C?%[a, b

“ho—a)

[ e s

- /ab[f(x) N [
= [T - 4 e - e
=3 [ e

510 | NN

= b= PP,

The composite mid—point rule

)]dx

)2dzx

Error: f € C?[a, ]

j=1
N 2
el R
j=1 Tj1
A
:Zﬂth//(gj)
j=1
b—a)



The trapezoidal rule.

[ e = 3is@+ 1016~
/ab ldz — %(1+ (b — a)
/abxd:v _ %(b2 @) = lat (b a)
/abedx = %(b?’ —a®) # 2(a2 +b%)(b— a)
m=1

Let f € C?*a,b].
[ Haida = 5@ + f0)6- o
= [1a) = 5l5(@ + FO)do

= —1—12(19 —a)*f"(€), for some & € [a, b]
Composite Rule
[ e = Eisteo) + sto) +h2fxg
b h - b — a)h?
[ 1wyt (15 + s+ Y play = LS

3.2 Interpolatory Quadrature

Let zg, ..., x, be n+ 1 distinct points in [a,b]. Let f € C|a,b]. The Lagrange interpolation
polynomial L, f € P, of f at xq,...,x, is given by

= fla)l(z)
k=0
where [ (z)(k = 0,...,n) are the Lagrange basis polynomials associated with x, ..., z,.
~or—
lk(x):]i[xk_mz kzoa y TV



The approximation
/abf(a:)dm/ab(fznf)(x)dx: Y Uablk(@dw}f(xk)

k=0

leads to the following:

Definition 3.4 (Interpolatory quadrature). The interpolatory quadrature associated

with n+ 1 distinct points x, ..., T, in [a,b] is the numerical quadrature

b n
/ Fa)de = 3 Auf ()

with ,
A, = / Iy (x)dz, k=0,...,n, (3.3)
where ly, ..., l, are the Lagrange basis polynomials associated with xg, ..., T,.
Theorem 3.5 (Characterization of interpolatory quadrature). Let zy,...,x, be n+1
distinct points in [a,b]. A numerical quadrature
b n
/ F()de ~ Y Buf(m) (3.4)
a k=0
1s an interpolatory quadrature if and only if its degree of precision is > n.
Proof. The “if” part. Suppose the degree of precision of (3.4) is > n. Let ly,...,l, € P, be
the Lagrange basis polynomials associated with x,...,z,. Since each [; € P,, we have

b n n
@ k=0 k=0

Thus, the quadrature (3.4) is interpolatory.

The “only if” part. Suppose (3.4) is interpolatory. Then the coefficients are given by

b
Bk:/ Iy (x)dz, k=1,...,n.

Let f € P,. Then L, f = f by Proposition 2.5. Consequently,

b b n b n
[ twis = [(Lapi@de =Y [Cete)desen) = Y- Bt

This implies that the degree of precision of (3.4) is > n.
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Definition 3.6 (Newton-Cotes formula). Let n > 1 be an integer. A (closed) Newton-
Cotes formula is an interpolatory quadrature

[ rade =Y Ao (3.5)
a k=0

with the quadrature points v, = a+k(b—a)/n (k=0,...,n).

By the definition of interpolatory quadrature, the coefficients Ay (k = 0,...,n) in the
Newton-Cotes formula (3.5) are given by (3.3) with [, € P, (k =0,...,n) the Lagrange
basis polynomials associated with the evenly distributed quadrature points zp (k=0,...,n).

Examples. (1) Consider the Newton-Cotes formula with n = 1. We have zy = a, x1 = b,

and
Ay = / /bx oy b—a)
ae [ /:b 4o L)

[ e = 50— a0 + 50 @) = 50 - i) + 1G]

Thus, the formula is

[\DP—‘

This is exactly the trapezoidal rule.
(2) Consider the Newton-Cotes formula with n = 2. We have ¢ = a, 21 = (a+b)/2 =: ¢,
T9 = b, and

The formula is

LKGWszﬁgfpm»+M(?§b)+ﬂm]

This is called Simpson’s rule.
In the case [a,b] = [—1, 1], this becomes

[ s@e = 510 +470) + 50



We can verify directly that this is exact for f(z) = 1, z, 2. In fact, it is also exact for
f(x) = 23 but not for f(z) = z*. Therefore, the degree of precision of Simpson’s rule is 3.

Theorem 3.7 (Error formula for Newton-Cotes formula). Consider a Newton-Cotes

formula
b n
/ F)de ~ Y Auf (). (3.6)
a k=0

(1) If n is even and f € C™2[a,b], then exists £ € (a,b) such that

(n+2)
[ dx—ZAkf (00) = o (3.7

where )
,un:/ x(r —x0) - (x —x,)dx < 0.
(2) Ifnis odd and f € C™"a,b], then there exists n € (a,b) such that

(n+1)
/f dx—ZAkka / +1(7)7)Vn, (3.8)

where ,
yn:/ (x —x9) -+ (v —x,)dx < 0.

Colloary 3.8. The degree of precision of the Newton-Cotes formula (3.6) with quadrature
points x, = a+ k(b—a)/n (k=0,...,n) isn if n is odd and n+ 1 if n is even.

Proof. Suppose n > 1 is even. By (3.7), the quadrature (3.6) is exact for all f € P,.
Setting f(z) = 2™*2 in (3.7), we see that the right-hand side of (3.7) is u, # 0. Thus, the
degree of precision in this case is n+ 1. The same argument applies to the case n is odd. [

To prove Theorem 3.7, we first prove the following:

Lemma 3.9. Let n > 1 be an even number, h = (b—a)/n, and xy, = a+kh (k=0,...,n).
Let

wp(x) =(x —x0) - (T — ) and  Q,(z) = /m wp(t)dt. (3.9)
Then Q,(a) = Q,(b) =0 and Q,(x) > 0 for all € (a,b).

Proof. Tt is obvious that Q,(a) = [ w,(t)dt = 0. Since n is even, we have by the change of
variable z = a + h(t + n/2) that

0, (b) = /abw(m)dm _ 2 /_ "

7

(t* — k*)dt = 0.

-
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Let an index j be such that 1 < j <n/2. We claim:
|wn(x)| > |wn(:1c + h)| Vr € (ZEQj_Q,ZL'Qj_l). (310)

To see this, let us fix an @ € (x9j_2,22j-1). Let x = a + ht for some ¢t € R. Clearly,
2j —2 <t < 2j—1. Thus, t is not an integer. Moreover, since 1 < j < n/2, we have
0<t+1<n/2. Fromx=a+ ht and xy =a+ kh (k=0,...,n), we then obtain that

wn(x—l—h)‘:‘(t+1)t-(t—1)...(t—n+1)‘:‘t+1
wn () tt—1)...(t—n)

41

< 1,
n—t

t—n

where the last inequality is equivalent to the true fact that ¢ + 1/2 < n/2. This proves
(3.10).

Consider now [xg, 2] = [xg, 1] U [x1,x2]. Since n is even, w,(z) < 0 on (—oo,xy) and
wp(z) > 0 on (zg,x1). Thus, by the fact that ,(z9) = 0, we have Q,(z) > 0 on (zg, z1].
Let x € (21, x9). Then z — h € (z¢,x;]. Hence, w,(t) > 0 for any ¢t € (2o, — h). This and
(3.10) with j = 1 imply that w,(t) + w,(t + h) > 0 for any ¢t € (zg,z — h). Therefore, by
the change of variable s =t — h and (3.10) for j = 1,

Qn<x>:/:wn(z)dt:/:w(t)dt+/:wn(t)dt

z—h z—h z—h
> / wn(t)dt +/ wn(s + h)ds — / (wn(t) + wn(t + B)dt > 0.
xo xo Zo
Hence, Q,(z) > 0 on [zg, 22]. Since Q,(z) = w,(z) > 0 in (x2,x3) and Q,(x2) > 0, we have
Q,(xz) > 0 on [x9,x3]. A similar argument then leads to ,,(x) > 0 on [z, z4]. Continuing
this process, we have Q,,(x) > 0 for z € (z¢, x9;_1] with 2j—1=n/20r2j—1 = (n/2)—1.In
the latter case, we have Q,(x) > 0 in (22j_1, Zn/2), since U, (z) = wy(x) > 0 in (291, Ty/2)
and €, (x) > 0 on (2, x2j—1). Therefore, ,(x) > 0 on (xo, Ty/2].

If v € (22, Tn) then x5 — (£ — y/2) € (%0, Ty/2) and hence Q,, (2,72 — (T — 252)) > 0.
Moreover, by the change of variable s =t — x,,/5, we have

xn/2+(zfxn/2) T—Tn /2 L=y /2 n/2
/ wp(t)dt = / Wn (S + Ty j2)ds = / SH [s* = (kh)?] ds = 0.
ﬂfn/2—($—xn/2) —($—50n/2) —(x—ﬂ?n/2) k=1
Therefore,
n/2— 2? wn/2 xn/2+($71‘n/2)
_ / wn(t)dt + / won(t)dt
xn/Q_(I_xn/2)
= M ((Tny2 — (x — Tp/2)) > 0.
The proof is complete. O
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Proof of Theorem 3.7. Let w, and €, be given as in (3.9). Since (3.6) is an interpolatory
formula, we have by Theorem 2.10 and Proposition ? (on the proerties of divided differences
with repeated points) that

b n
f) = [ fladdo = 3" Aufm)
b o
_ / f(a)da — / (Lof)(@)dz
— / flzo, -y xn, 2w, (z)dz Vf e C'a,b). (3.11)

Case 1: n is even and f € C"2[a,b]. By integration by parts, we obtain from (3.11),
Lemma 3.9, Proposition (?) (on properties on divided differences with repeated points),
and the Generalized Mean-Value Theorem for integrals that

en(f):/ flzo, - xn, 2] (x)dx

b
= ot ala(a) 12 = [ 0) Tl e

dx
’ d
:—/a Qn(x)%f[:co,...,xn,x]dx

_ [ frD(g(x))da
= —/a Q,(x) (n+2) dx

B At / ()i

(n+2)!

for some £ € (a,b). By integration by parts and Lemma 3.9, we then have

/ab ()t = 0,(0) [; — [ ot o = - /ab = e

Since fab Q,(z)dz > 0 by Lemma 3.9, u,, < 0.
Case 2: n is odd and f € C"[a,b]. Tt follows from (3.11) that

b—h b
en(f) = / wn(x) flzo, - - . T, x]da + /b_h wn(x) flzo, ..oy xp, x)de = Iy + 1. (3.12)

Since wy,(z) does not change sign in (b — h,b), we have by the Generalized Mean-Value
Theorem for integrals that

B b B f(n+1)<77/) b
I, := /bh wn(x) flzo, ...\ Tn, x]dx = eEsE /bh Wy (z)dx (3.13)
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for some 1’ € (a,b).
By the definition of divided differences, we have

b—h
L ::/ wn(x) flzo, - - .\ T, x]d
_ /bh wn71<x)(q; B xn) <f[x0, ey T, :L’] — f[$0, ... ,xn_1,$n]> dr

T — T,

b—h b—h
:/ Q;_l(x)f[xo,...,xn_l,x]daj—/ QL () flxo, .y Ty, )da
=. J1 — JQ.

Since n — 1 is even, by Lemma 3.9 we have Q,,_1(a) = Q,_1(b — h) = 0. Consequently,

b—h
Jo = flwo, s wn1, T / Q, (@)de = flzo, ..., Zn1,2n] [Qn1(b— h) — Qn_1(a)] = 0.

(3.14)
Again by Lemm 3.9, Q,,_1(x) > 0 on (a,b — h). By integration by parts, Propertion? (on
properties of divided differences with repeated points), and the Generalized Mean-Value
Theorem for integrals, we get

b—h
Ji = / O (@) flzo, - T, 2lda

b—h d
= _/ Qn_l(:v)%f[aso,...,:vn_l,x]da:
(n+1) (11 b—h
- T [ 1)

for some 1" € (a,b).
From (3.12)—(3.15), we obtain

en(f) = —[Af"D0) + BF D ("),

where

1 b
A= ——r——F n(2)dx,
A
1 b—h
B = m/ Qn_l(l’)dl'.

Clearly, wy,(x) > 0 for any « > b. Thus, w,(z) < 0in (b — h,b). This implies that A > 0.
Since n — 1 is even, we have B > 0 by Lemma 3.9. The fact that

Af(n+1)(n/) + Bf(n—i-l)(n//)
: (TL+1) < < (TL+1)
Ji, f () < A+ B < Jae S ()
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and the Intermediate-Value Theorem now imply that

en(f) = —(A+ B)f" D () (3.16)

for some 1 € (a,b). Again since n — 1 is even, we obtain by Lemma 3.9 that

/a () = / o) by

— Q@)@ — ) [~ / QL (2)de

b—h
=— / Q,_1(x)dx.

Consequently,
1 b 1 b—h
A+B=—— d Q,_1(x)d
* (n+1)!/bh”"(x) v (n+1)!/a n-1(z)dz
1 b 1 b—h
- o) /bhwn(x)da:— T 1)!/a wp(x)dx
1 b
:_m/ () da (3.17)

This, together (3.16), leads to (3.8). Since A and B are positive, then we have by (3.17)
that

vy = /bwn(x)dx (4 1)(A+B) <0,

completing the proof. O

3.3 Peano Kernel and Error Representation

Theorem 3.10 (Peano kernal and error representation for numerical quadrature).
Assume the degree of precision of a given numerical quadrature

/ F)de = 3 Agf(w)

is m. Then

/ ' fa) - EnjAkfm) = / Ra0f "m0 S € O oy, (3.18)
a k=0 a
where , .
Ko(t) = % [ / (= t)Pde =Y Ap(ze — )7 . (3.19)
' @ k=0
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Proof. Let f € C™+1[a, b]. By the Taylor expansion,

f(@)=f(a)+ fl(a)(x —a) + -+

Since the degree of precision of (3.18) is m and

AR

m!

Qm(z) = f(a) + f'(a)(z — a) + -

(z —a)™

is a polynomial of degree < m, the quadrature (3.18) is exact for @Q,,. Thus,

[ e iAkfm)
/ Qum(z)dr — Z ArQum (k) / R (x)dx — i Ak R ()
:/a R, dx—ZAkR (1)
— % /ab [/:(x —t)"dx — Z Ay, — t)’f] FrD () dt

k=0
b
- / R (t) £ (1)t

The proof is complete. |
We call K,, defined in (3.19) the Peano kernal for the numerical quadrature (3.18).

3.4 Euler-Maclaurin Formula and Romberg Algorithm

3.5 Weighted Gaussian Quadrature

Let p be a weight function on [a, b]. We consider a numerical quadrature

b n
[ o@rr)de = Y At (3.20)
a k=1
where n > 1 is an integer, x1,...,2, € [a,b] are n distinct points, and Ay,..., A, € R. It

follows from Proposition 3.3 that the degree of precision of any numerical quadrature (3.20)
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is less than or equal to 2n — 1. On the other hand, by 7, the degree of precision of (3.20) is
greater than or equal to n — 1, if it is interpolatory, i.e., the coefficients are given by

b
Ay = / p()l(z) dz, k=1,...,n, (3.21)
where .
r—x
l = J k=1
7=1
J#k
are the Lagrange basis polynomials associaed with xq,...,x,.
We want to choose the quadrature points z1, ..., x, so that the formula (3.20) has the
degree of precision as high as possible. Let f € C[a,b]. Let L, : Cla,b] — P,_1 be the
Lagrange interpolator associated with x4, ..., x,. By Theorem 2.10, we have the error

b n
old) = [ ole)faydo — 3" Aufa)
i =1
N / p(x)[f(x) = (Lp-r f)(2)]dx
b n
:/p($)f$1,.. , Ty T Hf_xk

If f € P, for some integer m > n, then by Proposition 2.11 the divided difference
flz1, ..., @y, x] is & polynomial in P,,_,,. We thus want to choose ..., z, so that

/ p(x)p(z) H(:z: —zp)dr =0 VpeP,_, (3.22)

with possibly m = n,...,2n — 1. This will not hold true for m = 2n by Proposition 3.3.
It is then clear that if w,(z) := [[;_,(z — x%) is the nth orthogonal polynomial in P,,
i.e., x1,...,x, are roots of an nth orthogonal polynomial, then (3.22) will hold true for all
m = n,...,2n — 1. This means that e,(f) = 0 for any f € P,, with m =n,...,2n — 1.
Clearly, e, (f) = 0 for any f € P, withm =0,...,n—1, if (3.20) is interpolatory. Therefore,
the highest possible degree of precision is achieved by an interpolatory quadrature with
quadrature points roots of orthogonal polynomials.

Definition 3.11 (Weighted Gaussian quadrature). A numerical quadrature (3.20) is
called a weighted Gaussian quadrature, if
(1) the quadrature points x4, ..., x, are the n simple roots of an nth orthogonal polynomial
in L2(a,b),
(2) the qudrature is interpolatory, i.e., the coefficients Ay, ..., A, are given by (3.21).
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Theorem 3.12 (Characterization of weighted Gaussian quadrature). A numerical
quadrature (3.20) is a weighted Gaussian quadrature if and only if it has the degree of
precision 2n — 1.

Proof. The “if” part. Assume the degree of precision of the numerical quadrature (3.20) is
2n — 1. Let Qn(z) = [[;_,(z — z}) and ¢ € P,_1. Then ¢Q,, € Ps,_1. Since the degree of
precision of (3.20) is 2n — 1,

b n
[ #@a@Qua)de = 3 Auatan)Qulan) =0

Therefore, Q,, € P,, is an nth orthogonal polynomial in Lf)(a, b), and hence x1,...,z, are
roots of this polynomial. Moreover, since the quadrature is exact for all polynomials in P,, 1,
it is interpolatory by ?. Thus, it is a weighted Gaussian quadrature by Definition 3.11.

The “only if” part. Assume (3.20) is a weighted Gaussian quadrature. For p € Py, 1,
there exist ¢ € P,_1 and r € P,,_; with degr < degp such that

p(z) = q(2)Qu(x) + r(z),

where Q,(z) = [[i—(z — z) in P, is the nth orthogonal polynomial in L2(a,b). Clearly,
p(zx) = r(zg) for K =1,...,n. Thus, by the orthogonality and the fact that the weighted
Gaussian quadrature (3.20) is exact for any polynomial in P,_;, we have

b b N b n n
| sw@rds = [ @@ Gute) o+ [ plairi)ds =3 (o) = 3 Aupln)

Therefore, the degree of precision of (3.20) is greater than or equal to 2n — 1; and is in fact
exactly 2n — 1 by Proposition 3.3. [

Theorem 3.13 (Error of weighted Gaussian quadrature). Let (3.20) be a weighted
Gaussian quadrature. For any f € C*"[a,b], there exists & € [a, b] such that

n

b n (2n) b
/ p<x>f<x>dx—k§:;Akf<xk>=f O | R

k=1

Proof. Let p € P5,_1 be the Hermite interpolation polynomial of f at xy,...,z,. Then it
follows from Theorem 2.18 that for each = € [a, b] there exists {(z) € [a, b] such that

@n) (£( 7)) "
f(ﬂf) —p(IL’) _ f (5( )) H(m _ xk>2‘

@2n)! -S4

Since the weighted Gaussian quadrature (3.20) has the degree of precision 2n — 1 and since
p(zy) = f(xg) (k=1,...,n), we have by the Generalized Mean-value Theorem for integrals
? that

b b b @n) (£()) <"
[ st = [+ [ oGS T - nie

k=1
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n (2n) b n
- Z App(ar) + f(2n§,€) / p(z) H(x — x3,)%dx

ol
—_

(2n) b n
re R R

completing the proof. O

= Auf(m) +
h=1

ol
—_

The following is a useful property of a weighted Gaussian quadrature:
Proposition 3.14. The coefficients of a weighted Gaussian quadrature are all positive.

Proof. Let (3.20) be a weighted Gaussian quadrature. Let [; € P,—; (j = 1,...,n) be the
Lagrange basis polynomials associated with the quadrature points x4, ..., x, € (a,b). Since
each l? € Py,_o and the weighted Gaussian quadrature (3.20) has the degree of precision
2n — 1, we have

b n
0< / o)l (0)]2dz = 3 Ally ()2 = 4,

completing the proof. O

Gaussian quadrature
1 n
/ fla)de = > Apf (). (3.23)
-1 k=1

The Legendre polynomials P,(n = 0,...) are orthogonal polynomials in L*[—1,1]. Recall:

dTL
Pue) = oy gl =17
/1 Py (2) Py (2)dx = {0 , 7 n
—1 ntl m = n.

Each P,(n > 1) has n roots in (—1,1).



[ s oD+ S0+ 2 f3

Theorem 3.15. The coefficients of the Gaussian quadrature (3.23) are given by
2
(1 = a)[Py (i) >

Proof. The Lagrange basis polynomials [, € P,,_1 (k = 1,...,n) associated with the roots

Ak: ]{,’:1,...,71,.

x1,...,x, of the nth Legendre polynomial P, are given by
P,(x) L ox— 2
l = - = J k=1,...,n. 3.24
k(x) (x_xk)Pyll(xk) Hmk —I'j7 ) y 10 ( )
Jj#k

Fix an integer k£ with 1 < k < n. By integration by parts and the orthogonality, we obtain
that

Sp = /_1 I () P (z)dx = l(2) Pu(x) |1, —/_1 k() Po()de = Iy (2) Pa()]

Since [P, € Py, 5 and the Gaussian quadrature (3.23) has the degree of precision 2n — 1,
we also have

1

Si= | W@)Pie)ds = 30 Ajula)) Piles) = APy

Consequently, by these two equations for Sy, (3.24), and Part (5) of Theorem 1.30, we
obtain

A, — () Pa() [T 1E0)
Bilee) (om0 —ae) B ()] oy
_ ([Pn(DP o [Pn(_l)]z) 1 _ 2
l—ay  —1—ap ) [Ph(xe) (1 —af) [P ()]
completing the proof. |
Remainder

PO [ T — oty — L00E) [ (200N o oy oy 2 (D)
@) /H< =T /_1(<2n>!) Fuwyde =100 G e

The Gauss-Chebyshev quadrature
b f(@) -



T1, ..., Ty € (—1,1) are roots of T,,(x) = cos(n arccos x)

(2k — 1)7r

T = cos Q) = cos ,kzl,...,n

Ak = dx
\/7 m (@ — @) Ti(wx)
T
T
Proof. We show that the formula is exact for all Ty, ..., T, 1. Then, the degree of precision

is > 2n — 1. But any numerical quadrature with n quadrature points has degree of precision
< 2n—1 Thus, this has the degree of precision exactly 2n—1. Therefore, this is the weighted
Gaussian quadrature.

Notice that By the change of variable x = cos 6,

/1 T () p _/7r 040 — 7r if m=0,
V=2 T T o it m 0,

For m = 0, we have
T n
ﬁ Z T0($k> =T
k=1

Thus the formula is exact for m = 0.
Consider now 1 < m < 2n — 1. Denote by i the complex unit, i.e., i = —1. We have
e’™™ = 1. Denote by R(z) the real part of a complex number z. We have

ZTm(xk Zcos ( m(2k - 1) )
k=1
_ Z R (eim(2k—1)ﬂ'/(2n))
k=1

=R <e—im7r/(2n) Z eimkw/n))

k=1

- R (eimﬂ'/(2n)eimﬂ'/n ?mﬂr -1 )
1

eimm/n _

eimw/(Qn)
— ()" =R ———
(0" - UR ()

— ()" - YR (em/@") S 1)>

|67Lm7r/n _ 1|

|6im7r/n _ 1|2

—imn/(2n) __ imnw/(2n)
- [(—1>m—1m<e - )

87



= 0.

VT () T
= dr = — T (xk), m=20,...,2n — 1.
/1\/1—:62 nkz:; ()

Error: Wf(%) (€).

3.6 Convergence of Sequences of Numerical Quadra-
ture

Theorem 3.16 (Convergence of sequences of numerical quadrature). Given a se-
quence of numerical quadrature

b n
/ p(x)f(x)dx%ZA,(fn)f (x,(:)), n=1,...,
@ k=1

where p is a weight function on |a,b]. Suppose

a

n b
1) tiw YA (o) = [ popo)ds e, (3.25)
k=1

n

2) sup > [A]

nzl gy

< 0. (3.26)

Then . \
tin Y5 A07 (o) = [ p@s@de  vF e Clab
k=1 a

Proof. Denote for each integer n > 1 and f € Cla, b]

() =3 AP ().
k=1

Clearly, each I, : Ca,b] — R is linear. Moreover, setting

n

M = sup Z ‘A,(:)

nzl

Y
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we have

L1 < S |AC][F (50)] < Mifllown 95 € Clatlvn =1
k=1

Now, let f € C[a,b] and let € > 0. By the First Weierstrass Approximation Theorem,
there exists p € P such that

2 (M—i—ff,o(:c) dx>‘

By the first assumption (3.25), there exstis an integer N > 1 such that

If = Pllcs <

<E Vn > N.

M@—/pmmwm X

Therefore, for any n > N,

b
Mﬂ—/pmﬂmm

<1 =)+ [ L0) — [ pl@ple)de| + [ pla)lp(e) - fa)]do

b
£
< MIf = plotwn + 5 +1Ip = fllctan | ole)da
< E.

This completes the proof. O

Colloary 3.17. Given a sequence of interpolatory numerical quadrature
b n
/ p(m)f(x)dx%ZAgfn)f (x,(:)>, n=1,....
a k=1
Suppose all the coefficients A,(gn) (k=1,---,n;n=1,---) are positive. Then
n b
tim 30 AL 7 (o) = / p(2)f(x)dr  Vf € Cla,b]. (3.27)
k=1 a

Proof. Let p € P. Then there exists an integer N > 1 such that p € Py. Since an
interpolatory quadrature with n quadrature points has the degree of precision > n — 1.
Therefore,

a

i A,(gn)p (xl(cn)) — /b p(x)p(z) dx Vn > N.
k=1
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This shows that the assumption (3.25) in the above theomre holds true. We have also for

all n > 1 that
b n n
[ ptarde =340 =3 |ag?
a k=1 k=1

where we used the fact that all A;n) (k=1,...,n;n=1,...) are positive. Thus, the second
assumption (3.26) in the above theorem holds true. The desired convergence (3.27) then
follows from Theorem 3.16. |

I

A direct consequence of this corollary and Proposition 3.14 is the following:

Colloary 3.18 (Convergence of weighted Gaussian quadrature). For any sequence
of weighted Gaussian quadrature

b n
/ pla) f(x)do = Y AP f (x,@) . on=1,...,
@ k=1

we have

n b
V}LIEOZA’(;)]C (ZE,(:)> :/ p(z)f(z)dz  Vf e Cla,b]. O
k=1

a

3.7 Adaptive Method

Exercises

1. Use (1) the left endpoint rectangle rule, (2) the midpoint rectangle rule, (3) the trape-
zoid rule, (4) Simpson’s rule, and (5) the two-point Gaussian quadrature to compute

the integral
1
/ sinz dz
0

with the number of subintervals of equal length n = 1, ..., 10, respectively. Compute
also all the corresponding absolute errors.
(a) Make a table of six columns with one for n and the other five for the the computed
values by the five rules, respectively. Keep eight digits after decimal points.
(b) In a single plot, display five curves showing the absolute errors in the log-log
scale (i.e. log(error) vs. log(n)) for the five corresponding rules.
(c) Discuss convergence rates for these quadrature rules based on the computational
result.
2. Use the trapezoid rule and Simpson’s rule to compute the integral

1
/ sin x dx
0
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with the number of subintervals of equal length n = 2%, k = 0, ..., 8. Then, apply the
Richardson extrapolation procedure to the computed values with the trapezoid rule
for the pairs (2k — 1,2k), k =1, ...,8. Compute all the corresponding absolute errors.

(a) Make a table of four columns with one for n, one for the computed values by the
trapezoid rule, one for that by the Richardson extrapolation, and one for that by
Simpson’s rule. Keep eight digits after decimal points.

(b) In a single plot, display three curves showing in the log-log scale the absolute
errors (i.e. log(error) vs. log(n)) for the two corresponding rules and the Richard-
son extrapolation.

(c) Discuss the computational result in terms of convergence rates.

. Given a numerical integration formula on [—1,1]

/_1 g(t)dt = Zajg(tj). (3.28)

Define, for an interval [a,b], A; = (b — a)a;/2 and z; = [(b—a)t; +a+b]/2, j =
1,...,n. Show that the numerical integration formula on [a, b]

b n
/ f(z)dx = ZAjf(a:j)

has the same degree of precision as that of the formula (3.28).
. Find A, B, C such that the weighted numerical quadrature

2
[ lalf@)do = Af(-1) + B (0) + C1(1)
—2
is exact for polynomials of degree as high as possible. What is the degree of precision

of the quadrature?
. Let h > 0. Find A, B,C, D so that the numerical quadrature

h
/ F(@)dz ~ Af(—h) + BF(0) + CF(h) + Dhf'(h)
—h
is exact for polynomials of degree as high as possible. What is the degree of precision

of the quadrature?
. Find A, B, C, D such that the numerical quadrature

/0 (@) dz ~ AF(0) + BF(1) + CF"(0) + DF"(1)

is exact for polynomials of degree as high as possible. What is the degree of precision
of the quadrature?
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7. Let n > 1 be an integer and a < z1 < --- < x, < b. Suppose that the degree of
precision of the numerical integration formula

/ Fayde = 3 Auf(a)
a k=1

is > n — 1. Define for each integer j > 0

F(®) = [ (o= thhdo =3 Ay o)L

Show that )
/Fj(t)dt:() j=0,...,n—1

8. Consider the trapezoidal formula

b
[ rarin = 5 a) 5@ + 0.

(a) Show that the degree of precision of the formula is m = 1.

(b) Calculate explicitly the Peano kernel K of the formula and show that the kernel
does change sign in [a, b].

(c) Let f € C?[a,b]. Show that there exists £ € (a, ) such that

[ 1@dr =50 =) 1@+ 0] = ~ 50— ©).

(d) Let N > 1 be an integer, h = (b —a)/N, and x; = a + jh, j =0,...,N. Prove
for f € C?[a,b] the error formula for the composite trapezoidal formula

| rtayda - {g (o) + SO+ Y f(xj)} USROS

12 ’

where 7 € (a,b) depends on f.
9. Find an integer N > 1, as small as possible, so that

1
/ edr — Ty
0

where Ty is the numerical integration value (without round-off error) of the function
e” over [0, 1] using the composite trapezoidal rule with N subintervals of equal length.
10. Let p3 € P53 be the Hermite interpolation polynomial of f € C'[a, b] determined by

ps(a) = f(a), psla) = f'(a), ps(b) = f(b), ps(b) = f'(b).

<107'
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(a) Show that

b
[ m@yde = 50 - a)lf@) + 10 - 150 - PO - F0)

(b) Determine the degree of precision of the numerical quadrature

/ f@) e (b= a)lf(a) + f0)] - 150 —aPIFB) - @) (329

(c) Calculate explicitly the Peano kernel of the numerical quadrature (3.29).

(d) Derive the error formula for the numerical quadrature (3.29).

(e) Let N > 1 be an integer, h = (b—a)/N, and z; = a+ jh, j =0,..., N. Derive
the composite integration formula based on the formula (3.29). Show that the
composite formula is the same as the composite trapezoidal formula for functions

f € C'a,b] such that f'(a) = f'(b).
11. Let p € P5 be the Hermite interpolation polynomial of f € C'[—1, 1] determined by
p(z;) = f(z;) and  p'(z;) = f'(z;), =012

where xo = —1,21 = 0,25 = 1.

(a) Show that

[ pla)de = L TF(-D) +1670) + TV + £1(-1) = £,

1

(b) Show that the degree of precision of the numerical integration formula

[ #@ydem S D + 16700+ TH0) + D - £O) (330
ism = 5.

(c) Derive the error formula for the numerical integration formula (3.30).

(d) Derive the composite numerical integration formula corresponding to the formula
(3.30).
12. Let a < xg < -+ < x, < b. Show that there exist n + 1 real numbers 7y, ..., 7, such

that , .
/ p(r)de =Y plz;)  Vpe P
a =0

13. Consider the Newton-Cotes formula

b n
/ flx)de ~ ZAjf(xj)

with n + 1 points ; =a+j(b—a)/n, 7=0,...,n
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(a) Show that A; = A,,_; for j =0,...,[n/2].
(b) Show by direct calculation that the degree of precision of the formula is n if n is
odd and is n + 1 if n is even.
14. Let n > 2 be an even number, wy,(z) = [[}_,(z — j), and

O, (z) = /0 " on(t)dt.

Show that €,,(0) = Q,,(n) = 0 and that Q,(x) > 0 for all x € (0,n).
15. Let x1,...,z, be n distinct points in [a, b] and A;,..., A, be n real numbers. If the
degree of precision of the weighted numerical integration formula

JETCEDIEED

with p a weight function on [a,b] is 2n — 1, then it must be the weighted Gaussian
formula on [a, b] with the weight function p.

16. Let n > 2 be an integer and xy,...,x, the n distinct roots in (—1,1) of the nth
Legendre polynomial P,. Set

D)

1
li(x) = (o= 2)Plx)) and A= /1 lj(x) dz, j=1...,n.

(a) Show that

/; p<$)q<.’l?) dr = ZAJp(x])q(mj) Vp,q € Pp_i.

1 et

(b) Show that

1
Aj_/ L@)de >0, j=1,...n.
1

17. Let {Q,}22, be a system of orthogonal polynomials with each deg @),, = n with respect
to the inner product in L2[a, b], where p is a weight function on [a,b]. Fix n > 1. Let
x1,..., %, be the n distinct roots of @, in (a,b). Let

b n
[ o@rf@de =Y Ayt
a j=1
be the corresponding weighted Gaussian quadrature. Show that

> AQu(x) =0,  k=1,....2n—1
j=1
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18. (Gautschi) Consider a weighted Gaussian formula

b n
| o@rf@de =Y Ayt

with p a weight function on [a, b]. Show that for any f € Cla,b] the error

b n
enf) = [ plo)fa)do = 3" Ayf(ay)

a1 <2 ([ ptorar) Bunea(),

Eona(f) = min ||f —qllcpa-
q€Pan—1

satisfies

where

19. Let @,, € P, be the nth orthogonal polynomial with respect to the weight p on [a, b],
n=20,.... Fixn>1. Let 1, ..., z, be the n distinct roots of Q,, in (a,b). Let

| oorf@)dem S 41 (@)

be the corresponding weighted Gaussian quadrature. Show that
an

an-1Q), (25) Qu-1 (x;)’

where ay, is the leading coefficient of Q; (kK =0,...).

20. Let n > 1 be an integer. The Gauss-Chebyshev quadrature is the weighted Gaussian
quadrature on [—1,1] with the weight 1/v/1 — 22 using z; = cos(2j — 1)7/2n (j =
1,...,n), the n roots of the nth Chebyshev polynomial T},(x) = cos(n arccos x). Show
that the Gauss-Chebyshev formula is given by

//1?-79:2 Zf

21. (a) Show for any f € C[0,1] that

/OBf( Zn;f( ) n=0,. ..,

k

Aj: jzl,...,n,

where B, f (n =0,...) are the Bernstein polynomials of f.
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22.

23.

24.

(b) Show that the degree of precision of the numerical integration formula

[z ()

ism=1foralln=0,....

(c) Show that
. - k 1
,HoonJrlkz:;f(g) :/0 flx)ydx  YfeC,1].

lim

(Bernoulli polynomials) Define

1
B, . () = (n+1)B,(z) and / Bpii(x)dx =0, n=2....
0

(a) Prove that, for each n > 0, B, is a polynomial of degree n with leading coefficient
1.
(b) Prove the identities

B+ 1) — By(z) = na"", n=0,...,
B,(1—2z)=(-1)"B,(x), n=0,....

(c) Prove the identities

Prove
Zk3 ( n+ 1))

by the Euler-Maclaurin summation formula.

Let f € Cla,b] and denote by I(f) the integral of f over [a,b]. Let N > 1 be an
integer, h = (b —a)/2N, and z; = a+ jh, j = 0,...,2N. Let T, Ton, and Sy
denote, respectively, the approximate value of I(f) by the composite trapezoidal rule

with N subintervals [zoj_1,22;], 7 =1,..., N, by the composite trapezoidal rule with
2N subintervals [x;_1,2;], j =0,...,2N, and by the composite Simpson rule with N
subintervals [x9;_1,z2;], j = 1,..., N. Prove that the Richardson extrapolation using

Ty and Thy leads to exactly Sy, i.e.,

AToy — TN

Sy = 3
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